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Abstract

After an income shock, households reduce spending and asset holding, diversify income sources,
and change household composition or location. Migration is common in South Africa, often
resulting in food insecurity. During the COVID-19 pandemic, the unemployment rate surpassed
thirty percent, accompanied by extreme poverty levels. The social relief of distress grant, the old
age pension, and employment income all significantly reduced food insecurity. SRD receipt reduced
household hunger levels by ten percent, and severe hunger in children by more than twenty
percent in vulnerable households. In contrast, mobility strategies did not effectively prevent food
insecurity in households during the pandemic.



Contents

Abstract i
1 Introduction 1
2 Background 2
3 COVID-19 in South Africa 5
4 Survival Strategies 7
4.1 Social Security . . . . .. ... 7
4.2 Relocation . . ... ... ... e 8
5 Preliminary Analysis 9
51 Data . . ... . e 9
5.2 Graphical and Non-Parametric Analysis . . . ... ... ... ...... 12
5.3 Descriptive Statistics . . . . . . ... L oL o 19
5.4 Reactions to Economic Shocks . . . . .. ... ... L. 22
6 Estimates 24
6.1 Specifications . . ... . ... 24
6.2 Results . . . ... . e 25
6.3 Sub-Sample Analysis . . ... ... ... Lo oL oo 29
6.4 RobustnessChecks . .. ... ... ... ... ... ... 31
7 Discussion 33
8 Conclusion 35
References 38
Appendix 43
Al e 43
A2 e 44
A3 e 45

ii



1 Introduction

South Africa has felt the negative income effects of the COVID-19 pandemic acutely.
Strict lockdowns exacerbated already high levels of unemployment, with narrow un-
employment in August 2021 reported at 34.4 percent. Low-income households were
most severely affected, resulting in high levels of hunger in adults and children.

In response to negative income shocks, South African households have tradition-
ally responded by making changes in household composition and location, reactions
which are in line with standard household bargaining theory. These include house-
hold dissolution, changes in childcare arrangements, relocation, delayed household
formation and the entrance or exit of unemployed family members (Klasen & Woolard
2009). Other coping strategies include reduced spending and increased debt, and the
drawing down or liquidation of assets (Carlitz & Makhura 2021, Berg 2013).

Two valuable sources of data were collected during the pandemic from April 2020
to May 2021. These are the National Income Dynamics Study-Coronavirus Rapid Mo-
bile Survey (the NIDS-CRAM), an individual panel survey broadly representative of
the South African population, and the household level Quarterly Labour Force Survey
(QLES). Using this data, we investigate the success of the different survival strategies
employed by households during the pandemic period to maintain household welfare.
These methods of survival can be broadly characterised as related to either mobil-
ity/migration or income.

Identification of many of these survival mechanisms is complicated by the fact that
households may make choices simultaneously, such as changes in household composi-
tion and pension receipt (Berg 2013), or changes in household formation and employ-
ment (Ebrahim, Woolard & Leibbrandt 2013, Leibbrandt, Woolard & Ebrahim 2016).
Often selective in- and out-migration confounds the identification of cash transfer ef-
fects (Hamoudi & Thomas 2014, Posel, Fairburn & Lund 2006).

The aggregate nature of the lockdown and the accompanying economic shocks
largely reduced the likelihood of relocation, making income changes more likely to
be a successful survival strategy for households. Our analysis suggests this is the case.
We find the most successful strategies to prevent food scarcity and hunger are income
related - specifically income from employment or social grants. Both the old age pen-

sion and the social relief of distress grant improve household welfare, while employ-
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ment income remains the main deterrent of household hunger. Whether the estimates
of the SRD effect can be considered causal is difficult to establish, but the relatively
high variation in applications and receipt, and its relative exogeneity, are arguments
in favour. We use panel data techniques and control for potential confounders to im-
prove the chance of estimating a causal effect.

Section 2 discusses the socio-economic characteristics of South African households
and their coping strategies to income shocks, Section 3 describes the COVID-19 pan-
demic’s impact on South Africa, and the government’s subsequent approach to contain
the virus, Section 4 discusses the two survival strategies employed by households, re-
lating to income or household composition/location, Section 5 discusses the data and
presents preliminary results, Section 6 contains multivariate analysis, Section 7 dis-

cusses these results in context, and Section 8 concludes.

2 Background

The effect of the Apartheid government’s racially motivated policies on South African
households are well known, contributing to South Africa’s status as one of the most
unequal countries in the world (StatsSA 2020, Carlitz & Makhura 2021). The coun-
try displays levels of poverty which are high relative to other developing countries
(Haughton & Khandker 2009). In 2015, more than 30 million South Africans lived
in households with income under the lower bound poverty line of R647 (StatsSA
2020). These patterns of poverty echo those in other developing countries (Haughton
& Khandker 2009), although the South African unemployment rate is higher than
that of other upper middle income countries (Leibbrandt et al. 2016). High HIV-AIDS
prevalence in many areas, with its accompanying health-care costs, is another factor
adding to poverty levels (Steinert, Cluver, Meinck, Doubt & Vollmer 2018).

African and Coloured children are much more likely to live in households expe-
riencing poverty (Hall & Sambu 2019). In 2015, 62.1 percent of South African chil-
dren were classified as multidimensionally poor (StatsSA 2020, Fransman & Yu 2019).
Other groups vulnerable to poverty include women, households living in rural ar-
eas or not receiving social welfare or employment income, larger households with

high dependency ratios, especially households containing young children (Fransman



& Yu 2019, Klasen & Woolard 2009, Biyase & Zwane 2018). Orphanhood, low ed-
ucation levels, and younger or female household heads tend to be poor (Biyase &
Zwane 2018, Fransman & Yu 2019). Poverty also varies substantially across the na-
tion’s nine provinces (Fransman & Yu 2019).

South Africa has an extensive social support system, with the state old age pen-
sion (OAP) and child support grant (CSG) beneficiaries forming the bulk of recipients.
In 2018, almost forty percent of South Africans received some form of state support
(Nnaeme, Patel & Plagerson 2020). An unemployment insurance fund exists, but rates
of receipt are low (Klasen & Woolard 2009, Leibbrandt et al. 2016). The value of the
OAP is comparatively large compared to the CSG (Berg 2013). Other grants received
in much smaller numbers include the disability and foster care grant. When opportu-
nities are available, cash transfers are used to fund job seeking (Hamoudi & Thomas
2014, Baird, McKenzie & Ozler 2018) or to start businesses (Nnaeme et al. 2020).

Many South African households claim only grant income as their financial support,
with a quarter of African households in rural areas reporting an old age pension as
their sole source of income in the year 2000 (Hamoudi & Thomas 2014). Other house-
holds are worse off, receiving neither employment nor grant income - fifteen percent
of unemployed individuals lived in such households in 2012 (Ebrahim et al. 2013).
High interest debt from informal lenders is common, as well as low levels of saving
(Steinert et al. 2018, Berg 2013). Most poor people face inefficient credit markets and
a lack of employment opportunity (Berg 2013). Dependence on remittance income
is common (Hamoudi & Thomas 2014), as in other developing countries (LaFave &
Thomas 2017). In March 2020, only around seventy percent of South African house-
holds received employment income (Carlitz & Makhura 2021).

Vulnerable households make use of different strategies for survival. Migration,
whether temporary or permanent, is a common phenomenon in South Africa, with ei-
ther individuals or entire households relocating (Reed 2013). Migration has increased
among the African population in the second half of the 20th century, and fluid liv-
ing arrangements are the norm post-apartheid (Reed 2013, Hamoudi & Thomas 2014,
Posel & Casale 2021). South Africa’s apartheid legacy left it with unique household
formation, with the formation of many three generational and skip generation house-

holds (Leibbrandt et al. 2016), with the HIV/AIDS pandemic contributing to this phe-



nomenon. Both migrant labour, and sending children to grandparents or other fam-
ily caregivers is common, as well as the separation of married couples (Hamoudi &
Thomas 2014, Ebrahim et al. 2013, Posel & Casale 2021). Individuals with high em-
ployment prospects leave the household, usually to urban areas (Reed 2013), while
those with lower prospects move to live with family or friends (Hamoudi & Thomas
2014). Between 2012 and 2015, approximately seventeen percent of individuals who
lost their jobs moved to extended family or parents (Leibbrandt et al. 2016).

There is a large literature discussing household bargaining and decision making
after income shocks, with most work rejecting the income pooling hypothesis and its
subsequent predictions for household formation (Quisumbing & Maluccio 2003, Al-
derman, Chiappori, Haddad, Hoddinott & Kanbur 1995). These models predict the
exit of individuals from the household under certain circumstances (Maitra & Ray
2000). Much of the literature originates from developed countries, with the major
focus on youth, and their decision to leave the parental home or to leave and form a
new household (Ebrahim et al. 2013). Youth remain with their parents if they have
higher income, when employment conditions are unfavourable, and return home dur-
ing poor economic times (Leibbrandt et al. 2016). Around the world, households make
formation and employment decisions jointly (Leibbrandt et al. 2016).

Klasen & Woolard (2009) observe household dissolution as a reaction to income
shocks, with household members moving back to parents or other relatives. Such
movement can reduce the individual’s employment opportunities, particularly in ru-
ral areas (Klasen & Woolard 2009, Ebrahim et al. 2013). Without a large public
safety net, unemployed individuals move to households with employment or state
grant income, particularly to households with larger transfers such as the old age
pension (Hamoudi & Thomas 2014, Ebrahim et al. 2013). Although pension receipt
has been shown to improve many outcomes, movement to these households may tip
them into extreme poverty (Hamoudi & Thomas 2014, Leibbrandt et al. 2016, Posel
& Casale 2021). The number of these “stretched” households supporting extra un-
employed members or children is large - an estimated 3.3 million households in 2017
(Posel & Casale 2021).

Another potential coping strategy following loss of income is increased reliance on

home food production, particularly in rural areas (Nnaeme et al. 2020, Mahmud &



Riley 2021). Households may also make use of informal risk sharing arrangements,
and have been seen to reduce non-food spending, increase debt or liquidate assets
or livestock, and increase general labour supply (Mahmud & Riley 2021, LaFave &
Thomas 2017). Household spending may be re-prioritised, with a smaller portion
allocated to food (Mahmud & Riley 2021). Children may also be removed from school,
a phenomenon observed in developing countries following economic shocks (Mahmud
& Riley 2021).

Some strategies may not be as successful as others at ensuring household survival
during an economic downturn. Making use of reciprocity networks may fail to im-
prove household outcomes as these sources will be subject to the same negative shocks
(Mahmud & Riley 2021, LaFave & Thomas 2017). In addition, credit may not be avail-
able or may be more expensive during an aggregate shock (Mahmud & Riley 2021).
Households may also be reluctant to liquidate assets or sell livestock to prevent hunger
(Mahmud & Riley 2021, Haughton & Khandker 2009). Whether during a recession or
otherwise, receipt of grant income may reduce remittance income, although whether
this is a causal effect, and/or necessarily a negative outcome is unclear (Hamoudi &
Thomas 2014). During the COVID-19 pandemic, these and other coping strategies
were employed to a lesser or greater extent by many South African households, with

varying degrees of success.

3 COVID-19 in South Africa

South Africa responded early to the COVID-19 pandemic with a strict regime of mea-
sures to curb the spread of the virus (Carlitz & Makhura 2021). A nationwide lock-
down at alert level 5 was announced on the 22nd of March 2020, and instituted five
days later on March 27th, to be kept in place until the end of April. Subsequent waves
of the virus saw a fluctuation between alert levels 1 and 5, with the lockdown level in
August 2021 set at level 3.

These lockdown periods included a variety of strictly enforced measures to curtail
the spread of the virus! (Carlitz & Makhura 2021). In the first lockdown a curfew

was instituted, the sale of alcohol and nicotine products was banned and restaurants,

Thttps://www.gov.za/covid-19/resources/regulations-and-guidelines-coronavirus-covid-19
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gyms, schools and tertiary institutions and places of worship were closed. Unnec-
essary gatherings were forbidden. Citizens were allowed to leave their homes to visit
grocery stores, pharmacies, to access essential medical services and collect state grants
(Carlitz & Makhura 2021). All residential movement between provinces, districts or
metropolitan areas was prohibited.

As Section 2 has illustrated, many South African households were in vulnerable
positions even prior to the pandemic, and the South African government was less able
during lockdown to realise previous legislative commitments to reduce these condi-
tions of deprivation (Hall & Sambu 2019). The negative effects of the pandemic on
adults and children were multi-dimensional. Lockdowns steepened pre-existing in-
equalities, with larger than proportional reductions in welfare experienced among
African business owners, and those living in rural or informal settings (Carlitz &
Makhura 2021). South Africa’s lockdown restrictions were rated as among the most
severe worldwide (Carlitz & Makhura 2021), and were accompanied by a larger fall
in average income compared to other countries with fewer restrictions (Mahmud &
Riley 2021).

While these intervals of lockdown did successfully reduce infections, this came at a
large cost, with concomitant effects on the economy at large and household welfare in
particular. Labour markets proved acutely sensitive to the degrees of lockdown, with
many households losing access to employment income (Daniels, Ingle & Brophy 2021).
A large proportion of South Africans were unable to work from home, and many busi-
nesses were unable to pay their workers during the extended periods of economic
inactivity, while many went out of business altogether (Carlitz & Makhura 2021, Posel
& Casale 2021). A large portion of the South African economy is characterised as in-
formal, and this sector was particularly hard hit, impacting many households already
living precariously. Rates of employment in March 2021 were ten percent lower than
pre-pandemic levels (Daniels et al. 2021). In the first half of 2020, at least twenty
percent of workers who retained their jobs experienced a reduction in salaries, while
36.8 percent of individuals reported relying on extended family and friends for finan-
cial or in-kind support (Carlitz & Makhura 2021). Households reported both reduced
spending and increased drawing down on savings (Carlitz & Makhura 2021). Levels

of hunger increased significantly among adults (Shepherd & Mohohlwane 2021).



The effects on children were also substantial, with persistent levels of child hunger
measured since May 2020, placing children at risk of stunting and its associated neg-
ative consequences (van der Berg, Patel & Bridgman 2021). More than nine million
school children? lost access to school feeding programs in 2020, and these programs
were slow to restart in 2021 (van der Berg et al. 2021). Previously high school enrol-
ment rates fell by a substantial amount. More than 600,000 learners had not returned
to school by May 2021, with learning losses estimated at a full year since March 2020
(Shepherd & Mohohlwane 2021). Similar patterns are observed in other developing
countries in Latin America and Sub-Saharan Africa, as well as Bangladesh, Pakistan
and Senegal (Mahmud & Riley 2021).

Although some improvement in these statistics has been reported, in June 2021
levels of hunger were still high: 35 percent of individuals report hunger in the house-
hold, and 14 percent report child hunger in the household, rates similar to the period
of July/August in 2020 (van der Berg et al. 2021). Food insecurity during 2020/2021
echoed patterns of poverty observed before, emerging as most concentrated among
the African population, those in rural areas and larger households (van der Berg
et al. 2021). Households made use of two familiar methods to cope with the harsh

impact of the pandemic - relocation or turning to alternate income sources.

4 Survival Strategies

4.1 Social Security

The overwhelmingly negative outcomes observed in South Africa were not unique.
Around the world countries of all income levels have seen massive effects on welfare
during the pandemic, with large increases in unemployment, business closures and
reductions in profit, and increased levels of hunger felt by households (Mahmud &
Riley 2021). A very large number of countries introduced social security schemes in
2020 to ease this suffering, with cash transfers making up half of 1000-plus planned
social protection packages (Kohler & Bhorat 2021).

In April 2020, South Africa’s president Cyril Ramaphosa announced a social relief

2Devereux, Hochfeld, Karriem, Mensah, Morahanye, Msimango, Mukubonda, Naicker, Nkomo,
Sanders et al. (2018).



programme equivalent to ten percent of gross domestic product, including individual
cash transfers, business relief, unemployment insurance, social and health support,
and feeding programmes (Carlitz & Makhura 2021). These measures included the
COVID Social Relief of Distress (SRD) grant, to be paid to adults aged eighteen to sixty:
a group previously unreached by any social security initiative. The monthly SRD grant
amounted to R350 per month (approximately 24 US dollars), for six months3. By Oc-
tober 2020 some 6.1 million beneficiaries had received the SRD grant (van der Berg
et al. 2021). The child support grant was topped up to R500 per month from June to
October 2020 (Pienaar, Davids, Roberts, Makoae & Hart 2021). Other sources of gov-
ernment support during the pandemic included the unemployment insurance fund
(UIF) and the temporary employee/employer relief scheme (TERS). However, these

sources of income were received in far smaller amounts than the SRD#.

4.2 Relocation

Many individuals took advantage of the opportunity to relocate between the announce-
ment of the first lockdown on March 22nd, and its enforcement on March 27th (Posel
& Casale 2021). A once off move across provincial boundaries was permitted in the
first week of May with the downgrading of the alert level to 4 from May 1st, but apart
from this dispensation individual movement was restricted. A limited few individuals
(those with pre-signed leases) could move residences during the month of May. Under
level 3 in June, moving home was allowed, but only with a permit. Evictions were not
permitted.

All of these restrictions would predict a greatly reduced amount of household or
individual movement. However, a large amount of movement in the adult population
during the first few months of the pandemic did occur - estimated at between five
or six million adults: fifteen percent of the adult population (Posel & Casale 2021).
However, the major portion of this relocation occurred at the end of March, prior to
March 27th, with many citizens making substantial moves, fifty-one percent of which

crossed provincial borders (Posel & Casale 2021). A smaller percentage moved at the

3These grants were available from May 2020 to April 2021, and were reinstituted in August 2021.
Individuals could not be receiving any employment income, other grants or UIF payments. Applica-
tions were made digitally. All information from https://srd.sassa.gov.za/.

4TERS receipt was less than six percent of those eligible in the NIDS-CRAM Wave 5, and fewer than
five percent of eligible receiving the UIF.



end of April or May, and a very small number of adults moved more than once, mostly
to employment opportunities (Posel & Casale 2021). The initial wave of relocation
included students and adults who had lost employment, with the later wave of migra-
tion including those classified as more deeply poor (Posel & Casale 2021). Migration
varied considerably by province (Posel & Casale 2021). Movers were more likely to be
men, and to live in households experiencing hunger than non-movers, confirming the
correlation between mobility and low income due to selective movement of food inse-
cure households (van der Berg et al. 2021), and the strain that receiving a household
member placed on already vulnerable households (Posel & Casale 2021).

Following this initial wave of migration, relocation occurred less often, and the
incidence of households receiving social grants increased. In Section 5 these trends

are investigated using both the NIDS-CRAM and the QLFS.

5 Preliminary Analysis

5.1 Data

This paper makes use of three different data-sources - the National Income Dynam-
ics Study (NIDS), the National Income Dynamics Survey-Coronavirus Rapid Mobile
Survey (NIDS-CRAM), and the Quarterly Labour Force Survey (QLES), with the pri-
mary analysis performed using the NIDS-CRAM. The NIDS-CRAM Wave 1 sample
consisted of a sub-sample of the 2017 National Income Dynamics Study (NIDS).

The NIDS is a nationally representative panel survey of individuals, which com-
mended in 2008 with more than 28,000 individuals in 7296 households (Chinhema,
Brophy, Brown, Leibbrandt, Mlatsheni & Woolard 2016). The study continued for a
further 4 waves, culminating in 2017. The NIDS collected information from individu-
als on a broad range of income and welfare indicators, both individual and household.
In Wave 5, 39,434 individuals were successfully surveyed, in 10,842 households. In
each wave, data was collected on all reachable original survey participants, and any of
their co-residents. Wave 5 of the NIDS, collected in 2017, is used in this analysis.

The NIDS-CRAM was undertaken to investigate the socio-economic impact of the
COVID-19 pandemic on a broadly representative sample of adult South Africans se-
lected from the NIDS in 2017 (Ingle, Brophy & Daniels 2021). Data collection began



in May 2020 with 7,073 individuals aged eighteen and above, and continued for a total
of 5 waves, ending in May 2021 (NIDS-CRAM 2021). The NIDS-CRAM survey used a
substantially shorter questionnaire than the NIDS, and interviews were conducted by
telephone using computer assisted telephone interviewing (CATI).

In further contrast to the NIDS, not all co-resident household members of NIDS-
CRAM survey participants were included in the study, and those that were cannot be
directly identified in the data made available to researchers across the waves. By na-
ture, the NIDS-CRAM survey cannot be considered purely nationally representative
in 2020/2021, and any estimates using the data must be considered as only broadly
representative for a sample of South African adults from 2017 (Ingle et al. 2021).
Household weights are available in the NIDS-CRAM, for both individuals and the
household, but these must be used with caution (Wittenberg & Branson 2021).

Attrition in the NIDS-CRAM sample from Wave 1 to 2 was substantial, at 19 per-
cent (Ingle et al. 2021). A top up sample was included in NIDS-CRAM Wave 3, includ-
ing a further 1,084 individuals from the original NIDS Wave 5 sample. Both positive
and negative attrition was observed in the sample, with certain individuals returning
after attriting in a previous wave/s.

We investigate the presence of hunger in the household as a proxy for household
welfare, and its relationship to the household survival strategies described above. The
NIDS-CRAM collects data on hunger in the household in any person, and specifically
the presence of hunger in children. These measures are graded by level of severity
(measured by the number of days hungry in the last week). Households also report a
measure of food insecurity: whether or not the household could afford to buy sufficient
food in the last month.

The last source of data used in this paper is the South African Quarterly Labour
Force Survey (QLFS). Five waves of data are used - Quarters 1 to 4 of 2020, and Quar-
ter 1 of 2021. The QLFS is a nationally representative survey by Statistics South Africa
(Stats SA) which collects data on the labour market outcomes of individuals aged 15
years and older (QLFS 2021). The QLEFS is traditionally a rotating panel survey, with a
quarter of the dwellings in the sample rotated out in each quarter. In 2020 Quarter 1
(Q1), the sample consisted of 66,657 individuals in 20,608 households, surveyed face

to face. The sample uses a two-stage stratified sampling design based on the 2001

10



census, with the dwelling as sampling unit.

As with the NIDS-CRAM, from the second quarter of 2020 the QLFS survey used
CATI, suspending face-to-face interviews. No rotation of households took place, with
the survey continuing with the original Quarter 1 sample. Although no households
were excluded, a drop in sample size occurred as not all survey participants were
contactable by phone. In Q2, 13,408 households were surveyed, reaching a total
of 47,103 individuals. These figures remained constant, with 45,702 individuals in
13,410 households surveyed in the first quarter of 2021. Although the sample char-
acteristics can be seen to differ between Q1 and Q2 2020, an unexpected advantage
exists in the collection of a large panel dataset over 5 quarters. Unfortunately unique
identifiers were not yet released by Stats SA in mid-2021 and cannot be constructed
using the data available, precluding the use of the data as an individual panel (Daniels
et al. 2021). However household identifiers do not change over the wave, allowing for
some panel analysis at the household level.

Certain limitations exist with these datasets. While the NIDS contains detailed
data of many household spending and asset variables, these are not all available in the
NIDS-CRAM, and certain variables exist in both datasets but with slightly different
definitions. Household income and mental health data (and other key variables) were
not collected in every wave of the NIDS-CRAM, and some variable definitions change
entirely over the NIDS-CRAM waves. The NIDS-CRAM cannot be considered purely
nationally representative (Kohler & Bhorat 2021), unlike the QLFS in Q1 2020 and
the NIDS in 2017. The QLFS does not contain many household level outcomes similar
to the NIDS-CRAM. Q2 of the QLFS may have lost its representativeness, due to the
unavailability of telephones for a portion of the original respondents (QLES 2021).

The NIDS-CRAM is used as the primary source of data for analysis in this paper.
Data from the NIDS Wave 5 is used to control for baseline characteristics where ap-
propriate. The QLFS data serves as useful comparison data to the NIDS-CRAM, with a

more limited set of household outcomes, but a larger and more representative sample.
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Percentage

5.2 Graphical and Non-Parametric Analysis

In Figure 1(a), weighted averages of three household income related outcomes are
graphed across time>. In Wave 1, approximately forty percent of individuals reported
living in households which lost income in the past month, and at least a fifth of in-
dividuals continue to report this outcome from Waves 1 to 4. This figure falls to ap-
proximately fourteen percent in Wave 5. Simultaneously, increasing rates of access to
grant income can be observed over time, increasing from a base of just under forty
percent in May 2020, to approximately half of individuals in Wave 5°. Only fifty-
eight percent of individuals lived in households with access to employment income
in May 2020, and this proportion remains constant from Wave 1 to Wave 5. Overall
Figure 1(a) shows consistently low levels of access to employment income, increasing
dependence on grant income, and fairly large fluctuations in household income over
the 2020/2021 period, with only slightly improved outcomes in Waves 3 and 5, the

periods with the least restrictive degree of lockdown (level 1).
Figure 1: Household Outcomes by Wave

1(a). Income Outcomes 1(b). Food Insecurity

Percentage

T T T T T
1 2 3 4 5 ~
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]
w
IS
"

Wave
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----- Household has Grant Income ‘ ——=e—— No Money for Food — —4 —- Household Hunger ‘

Figure 1 shows weighted averages of income and food insecurity related household out-
comes by wave. Source: NIDS-CRAM Waves 1 to 5.

In Figure 1(b) weighted averages of household hunger related outcomes are graphed

>These averages are calculated using the household weights developed by Wittenberg & Branson
(2021).

6Tt is not strictly correct to interpret any household level statistic as follows: “X percent of house-
holds report a mean value of Y for outcome Z”. The correct interpretation is “X percent of individuals
report living in households with a mean of Y for outcome Z” (Ingle et al. 2021). However, the latter
interpretation is clumsy. We will make use of the former at times throughout this paper, although it is
not technically correct, for the sake of brevity and ease of reading.
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over time. The presence of food shortages is defined as the household containing any-
one who experienced hunger in the last week, and the household not being able to
afford sufficient food to satisfy the household in the last thirty days (food insecure).
Wave 1 shows the worst outcomes - more than a fifth of households experience hunger
in May 2020, and more than forty-five percent could not afford food in the last month.
These values do improve slightly in Wave 2, but hunger remains a persistently stub-
born indicator - at least fifteen percent of households report hunger over the entire
study period, and more than thirty-five percent of households could not afford food
over the entire study period.

In Figure 2 we examine the prevalence of hunger distributed over age in all five
waves of the NIDS-CRAM, using local polynomial estimation with the epanechnikov
kernel” (Cameron & Trivedi 2009). The proportion of households which could not af-
ford sufficient food in the last month is always higher than those which report any type
of hunger in the last week, reflecting the greater number of opportunities for hunger
to occur in a month compared to a week. The peak of household hunger occurs at or
before age sixty, with nearly fifty percent of individuals at this age living in house-
holds unable to afford sufficient food. Approximately twenty percent of sixty year
old individuals lived in households where anyone had been hungry in the past week,
while fifteen percent live in households experiencing child hunger, and ten percent

live in households with at least one individual experiencing severe hunger®.

"Local polynomial estimation allows the most unrestricted estimation of the relationship between
household hunger and age, and has been used previously to analyse a similar relationship between old
age pension receipt and child height (Duflo 2000).

8Defined as experiencing hunger between three and seven days of the week.
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Figure 2: Household Outcomes
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Figure 2 shows the proportion of individuals living in households that (1) could not
afford food in the past month, (2) experienced any level of hunger in the past week,
(3) had children experience hunger in the past week or (4) experienced severe hunger
(between 3 and 7 days of the week). Source: NIDS-CRAM Waves 1 to 5.

Between the ages of twenty-five and thirty more households begin to report food short-
ages. This may reflect an age at which young people form new households, thus losing
access to resources in their familial homes. Levels of food insecurity remain fairly con-
stant over the remainder of the age distribution, although a significant drop in hunger
levels and food insecurity is observed from the age of sixty. This improvement in nu-
trition may be related to widespread receipt of the government old age pension at this
age. This decrease is significant - between the ages of sixty and seventy the percentage
of households unable to afford food drops from roughly forty-nine to forty-one per-
cent, representing an eighteen percent reduction in hunger levels for pensioners. The
corresponding figures for household hunger, child hunger, and severe hunger are re-

ductions of approximately twenty-three percent, ten percent, and thirty-one percent®,

9Household hunger: a fall of six percentage points from a base of twenty-six percent, child hunger: a
fall of two percentage points from a base of twenty-one percent, severe hunger: a fall of five percentage
points from a base of sixteen percent.
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Figure 3: Correlates of Financial Food Insecurity
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Figure 3 shows the proportion of individuals who live in households which could not
afford enough food in the past month, differentiated by race, gender, household location
and dwelling type, graphed over age. 95% confidence intervals are shown. Source:

NIDS-CRAM Waves 1 to 5.

The literature suggests that food insecurity may be more severe in certain vulnera-
ble groups. We investigate this possibility in Figure 3, testing the probability that
households could not afford food for significant differences across members and non-
members of these groupslo. These include race, gender, dwelling type, and household
location. Echoing previous results in Figure 2, common patterns in food insecurity can
be observed no matter how this measure is differentiated. The rate of food insecurity
is consistently high, remaining above thirty percent for nearly all individuals across

the age distribution. Food scarcity increases markedly from the age of thirty to forty,

and shows some form of reduction from the age of sixty for all individuals.

From the age of forty significant differences in household food insecurity emerge

10Ninety-five percent confidence intervals are shown.

15




by race, with African individuals increasingly much more likely to suffer from food in-
sufficiency - see Figure 3(a). These differences are large, growing to a thirty percentage
point difference at the top of the age distribution, with very low variation observed.
In Figure 3(b) we observe persistent and significant elevated rates of food insecurity
for women compared to men across all ages. Living in an informal dwelling is a clear
socio-economic indicator, with these households suffering rates of food insecurity ap-
proximately ten percentage points higher than those in formal dwellings, across the
age distribution - see Figure 3(c). Households located in rural areas experience higher
food shortages than those in urban areas between the ages of forty and sixty, and sig-
nificantly higher rates for older individuals in their seventies - see Figure 3(d). It is
clear these are all important correlates of food insecurity and should be included in
any multi-variate analysis.

We investigate four income-related household coping strategies and their bivariate
relationships with food insecurity in Figure 4. Food security is graphed for those liv-
ing in households which do or do not receive the income source in question, over the
age distribution. These are the social relief of distress grant, the old age pension, the
child support grant, and any access to employment income. The SRD grant appears
to be protective of household welfare in the twenties, with food insecurity signifi-
cantly lower among those living in households receiving the SRD in this age period.
Thereafter food insecurity is higher among SRD households for individuals in their
forties, and beyond the age of sixty - see Figure 4(a). It is difficult to discern differ-
ences in food insecurity by pension receipt except for individuals beyond the age of
sixty, where households not receiving the pension display significantly lower rates of

food insecurity than pension households - see Figure 4(b).
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Figure 4: Household Could not Afford Food (Household Income Sources)
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Figure 4 shows the proportion of individuals over the age distribution who live in house-
holds which could not afford sufficient food in the past thirty days, differentiated by
sources of income in the household: SRD, OAP, CSG, and employment income. 95%
confidence intervals are shown. Source: NIDS-CRAM Waves 1 to 5.

CSG receipt in a household appears to serve as a clear indicator of socio-economic sta-
tus, with much higher rates of food insecurity in households receiving the CSG - see
Figure 4(c). Rates of food insecurity are much lower in households receiving employ-
ment income - see Figure 4(d), although it is important to note that food insecurity
never falls completely. At least fifteen percent of all individuals live in food insecure
households, even those receiving employment income. Similar patterns are observed
when Figure 4 is replicated using the presence of household hunger as the outcome -
see Figure 6 in Appendix Item A.1.

Before moving onto the descriptive statistics in Section 5.3, we examine household
ability to afford food as a function of four different characteristics, each of which re-

late to household mobility decisions - see Figure 5. Individuals who moved dwelling
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recently have significantly higher levels of food insecurity, except for individuals aged
sixty and above where hunger levels do not differ by migration status - see Figure 5(a).
Households which are above average household size have significantly higher levels
of food insecurity, a disparity which deepens from the age of sixty - see Figure 5(b).
This may imply that pension income can support extra household members but only
up until a certain point. Similarly households with a child below seven years in the
household have significantly higher levels of food insecurity - see Figure 5(c). Individ-
uals living in households which sent a child away between waves have higher levels of
food insecurity until the age of sixty, after which no statistically significant differences

are observed - see Figure 5(d).
Figure 5: Household Could not Afford Food (Mobility)
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Figure 5 shows the proportion of individuals who live in households which could not af-
ford sufficient food in the past thirty days, differentiated by mobility indicators: house-
hold size, the presence of young children in the household, and if the individual moved
recently, graphed over age. 95% confidence intervals are shown. Source: NIDS-CRAM
Waves 1 to 5.
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5.3 Descriptive Statistics

Table 1 presents individual descriptive statistics for the NIDS-CRAM sample, across
each of the 5 waves, as well as those characteristics in Wave 5 of the NIDS. Weighted
means using the individual probability weights for the NIDS and NIDS-CRAMS re-
spectively are shown. An initial sample of 7,073 individuals were surveyed, a number
which decreased from Wave 1 to 5 due to attrition. The study was conducted at vari-
ous lockdown alert levels: Wave 1 (levels 3 and 4), Wave 2 (level 3), Wave 3 (level 1),
Wave 4 (mostly level 3), and Wave 5 (level 1).

Table 1: Individual Descriptive Statistics

NIDS NIDS-CRAM

Wave 5 Wave 1 Wave 2 Wave 3 Wave 4 Wave 5
Female 0.55 0.53 0.53 0.53 0.52 0.52
Age 37.1 40.4 40.7 41.1 41.5 41.6
African 0.86 0.78 0.78 0.79 0.79 0.79
Coloured 0.06 0.10 0.09 0.10 0.10 0.09
Indian/Asian 0.01 0.02 0.02 0.02 0.02 0.02
White 0.07 0.10 0.10 0.09 0.09 0.09
Highest School Grade 10.1 10.1 10.2 10.2 10.2 10.2
Matric 0.42 0.50 0.50 0.49 0.49 0.49
Any Tertiary Education 0.33 0.38 0.38 0.41 0.42 0.42
Married 0.37 0.49 0.49 0.47 0.47
Depressed 0.22 0.24 0.30 0.27
Employed (strict) 0.81 0.78 0.74 0.76 0.74 0.77
Unemployed (strict) 0.19 0.22 0.26 0.24 0.26 0.23
Unemployed (broad) 0.20 0.43 0.42 0.37 0.38 0.34
Labour force participant (strict) 0.64 0.57 0.59 0.67 0.65 0.67
Labour force participant (broad) 0.65 0.78 0.76 0.81 0.78 0.78
N 7,073 7,073 5,676 6,130 5,629 5,862

Source: National Income Dynamics Survey Wave 5 (NIDS 2017) and NIDS-Corona Virus Rapid Mobile Survey.
Weighted Individual descriptive statistics.

Approximately fifty-three percent of the sample were female. The average age is ap-
proximately 40 years in the NIDS-CRAM. The racial distribution broadly matches that
of the census estimates, with just under eighty percent of the sample being African,

ten percent Coloured!!, nine percent White and two percent of Indian or Asian de-

"In South Africa, Coloured is a commonly accepted term used to refer to those of Cape Malay
descent, and to mixed race individuals.

19



scent. The highest average school grade is grade 10, with approximately fifty percent
of the sample having completed a matric. Approximately forty percent of the sample
have completed some form of tertiary qualification. Just under half of the sample is
married, while rates of depression range between twenty-four and twenty-seven per-
cent. Many of these average values are higher than would be expected in a general
sample (such as higher marriage rates, tertiary education, etc.), reflecting the higher
average age of the only adult NIDS-CRAM sample.

The means of most of these variables are similar across the NIDS Wave 5 and NIDS-
CRAM Wave 1, or differ in line with our expectations given the passage of time. Av-
erage age increases by an expected three years. Very slight differences in the gender
and racial demographics across NIDS Wave 5 and the NIDS-CRAM can be observed,
which are likely to be related to differences in the weights across the two surveys when
calculating these averages.

The effects of the pandemic can be seen in the labour market status variables. Rates
of broad unemployment in the sample are very high, beginning at forty-three percent
in Wave 1 of the NIDS-CRAM. A slight improvement by May 2021 can be observed:
in Wave 5, thirty-four percent of the sample report being broadly unemployed. The
strict unemployment range hovers in a much tighter range, settling at twenty-three
percent in Wave 5. This implies the effect of the pandemic affected individual’s job-
seeking behaviour, and not necessarily their willingness to work. The patterns in strict
labour force participation corroborate this, with strict rates of participation much
lower in NIDS-CRAM Wave 1 compared to broad rates of participation (fifty-seven
versus seventy-eight percent). While broad participation remains constant, strict par-
ticipation increases by ten percentage points over the period, implying that while the
will to work may have remained constant, only as lockdown levels decreased were
individuals able to seek out opportunities to do so.

Table 2 contains weighted averages for a number of household characteristics in
Waves 1 to 5 of the NIDS-CRAM. The following measures do not change substan-
tially across the waves. Average household size is above four in each wave. Approxi-
mately twenty percent of households live in informal dwellings, and just under forty
percent of households are located in rural areas. A large proportion of households

contain a CSG recipient (forty-five percent) or an old age pension recipient (approxi-
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mately twenty-three percent of households). Eighty percent of households have access

to piped water. Only ten percent of households receive income from family or friends.

Table 2: Household Descriptive Statistics

NIDS-CRAM

Wave 1 Wave 2 Wave 3 Wave 4 Wave 5
Household size 4.31 4.17 4.20 4.14 4.08
Household income 7,746 7,454 7,996 7,976
Informal dwelling 0.22 0.22 0.21 0.22 0.21
Rural area 0.38 0.38 0.39 0.39
Has access to water 0.82 0.81 0.81 0.81 0.81
Household lost income (last 30 days) 0.41 0.21 0.35 0.20 0.14
Receives employment income 0.58 0.51 0.56 0.53 0.59
Receives remittances 0.10 0.10 0.10 0.11 0.10
Main income - grants 0.27 0.38 0.31 0.36 0.33
Receives grants income 0.37 0.45 0.48 0.54 0.51
CSG Recipient Resident 0.45 0.44 0.44 0.43 0.42
Number of CSGs Received 1.00 0.97 0.97 0.96 0.95
OAP Recipient is Resident 0.27 0.24 0.23 0.24 0.24
Number of OAP Recipients 0.33 0.30 0.28 0.29 0.29
Child under 7 present 0.39 0.40 0.41 0.40 0.39
Number of Children under 7 0.59 0.60 0.68 0.64 0.63
Person Aged above 60 present 0.33 0.31 0.27 0.28 0.27
Number People above 60 0.47 0.41 0.35 0.37 0.35
No money for food (30 days) 0.46 0.37 0.40 0.37 0.35
Anyone felt hungry in the past 7 days 0.22 0.16 0.18 0.16 0.16
Moderate hunger: 1 to 2 days of the week 0.09 0.06 0.07 0.07 0.07
Severe hunger: 3 to 7 days of the week 0.13 0.09 0.11 0.09 0.09
Any child felt hungry in the past 7 days 0.15 0.11 0.16 0.14 0.15
Moderate child hunger (1-2 days) 0.07 0.05 0.08 0.07 0.08
Severe child hunger (3-7 days) 0.08 0.06 0.08 0.07 0.07
N 7,073 5,676 6,130 5,629 5,862

Source: National Income Dynamics Survey Wave 5 (NIDS 2017) and NIDS-Corona Virus Rapid Mobile Survey. Weighted
household descriptive statistics. Income variables deflated to February 2020. OAP = old age pension recipient. CSG = child
support grant.

In Wave 1 it is possible to see the harsh economic impact of the first lockdown: forty-
one percent of households report losing income in the last 30 days, while only fifty-
eight percent have access to employment income. Forty-six percent of households
reported have insufficient money for food in the past month, with fifteen percent of

households reporting children going hungry in the last week. Twenty-seven percent
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of households report grants as their main income source.

Household properties which have changed over time are related to income sources
and hunger. By Wave 5 thirty-three percent of households depend on grants as their
main source of income, while the proportion of households receiving any grant income
increases from thirty-seven percent in Wave 1 to fifty-one percent in Wave 5. Low rates
of access to employment income remain unchanged. Rates of households running
out of money for food tapers downwards, but remains persistently high, at thirty-
five percent in Wave 5. While adult hunger has decreased, child hunger remained

unchanged at fifteen percent in May 2021.

5.4 Reactions to Economic Shocks

Table 3 presents individual and household reactions to the economic shocks caused
by the pandemic, as measured by changes over the waves. These reactions include
changes in both mobility (location or household composition) and income sources
(grants, employment income, using savings or credit). Some of the measures of move-
ment do not appear trustworthy, and thus are not reported in the main text with con-

fidence!?.

Eighteen percent of individuals report moving in or before July/August
2020 (Wave 2), while only seven percent report moving in May 2021 (Wave 5). Very
few changes by marital status or partner co-residence are present. In contrast, many
individuals sought alternate income sources, with at least thirty-two percent of in-
dividuals applying for the COVID SRD in each wave. Between twelve and eighteen

percent of individuals report receiving the SRD.

121t must be noted that while every effort has been made to process the NIDS-CRAM data, certain
data anomalies seem to be present. In Table 3 the number of individuals reporting staying in the same
location since 2017 is suspiciously constant across the waves. Ten percent of individuals move to rural
areas between Waves 2 and 3, but this figure drops to only one percent in both Waves 4 and 5. A very
low percentage of people move across provinces - four percent in Wave two, falling to one percent in
Wave 5.
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Table 3: Reactions to Economic Shocks

NIDS-CRAM
Wave 2 Wave 3 Wave 4 Wave 5

Individual Characteristics

Stayed in 2017 household location 0.74 0.74 0.74 0.74
Moved province 0.04 0.05 0.01 0.01
Moved dwelling 0.18 0.09 0.07
Moved to rural area 0.10 0.01 0.01
Moved in with partner 0.03 0.03 0.02
Partner left/left partner 0.06 0.04 0.04
Applied for a COVID-19 SRD 0.32 0.35 0.32 0.32
Receiving a COVID-19 SRD 0.12 0.18 0.17 0.17
Household Characteristics

Change in household size 0.40 0.42 0.39 0.31
Sent child under 7 away 0.32 0.29 0.31 0.26
Received child under 7 0.13 0.15 0.12 0.09
Change in number of children under 7 0.23 0.23 0.22 0.17
Number of 60-plus residents changed 0.13 0.12 0.11 0.09
Gained access to OAP income 0.04 0.04 0.04 0.03
Gained access to employment income 0.09 0.15 0.11 0.12
Received support from community 0.07 0.05 0.07
Received support from government 0.04 0.04 0.03
Received support from NGO 0.03 0.02 0.02
Number of SRDs in the household 0.28 0.39 0.37 0.36
Household has an SRD recipient 0.21 0.28 0.27 0.27
N 5,676 6,130 5,629 5,862

Source: NIDS-Corona Virus Rapid Mobile Survey. Weighted descriptive statistics.

Fairly substantial changes in household size are observed across the waves, with forty
percent of households reporting a change in household size from Wave 1 to Wave 2,
with this figure dropping to thirty-one percent between Waves 4 and 5. Given the low
number of adults reporting moving over the waves, it is likely that this phenomenon
is explained by changes in the living arrangements of children. This appears to be the
case. At least one-fifth of households experience a change in the number of younger
children in the household across the waves. This child relocation is highest between
Waves 1 and 2, where twenty-three percent of adults live in households where the
number of young children has changed, and lowest from Waves 4 to 5 (seventeen per-
cent). Changes in the presence of a pensioner also occur. In Wave 2, thirteen percent

of households had a change in the number of residents above the age of sixty. This

23



change would include individuals moving to pensioner households, and pensioners
themselves moving (which is less likely).

We do see changes in household financial state with four percent of households
gaining access to pension income over the waves (this could include new pension re-
cipients as well as movement into pension households), and approximately ten per-
cent of households gaining access to employment income across the study periods. In
Wave 3 the largest increase in access to employment income is observed - fifteen per-
cent. This increase is probably related to the low alert level at the time - level 1. Other
coping strategies include accessing support for food or shelter from the community,
NGOs or government . Fewer than seven percent of households made use of this type
of support (possibly indicating a lack of opportunities to do so). The single largest
change in household action was application and receipt of the SRD, with more than a
quarter of households containing a recipient by Wave 2, and more than thirty percent
of individuals having applied for the SRD in each wave.

Table 3 presents substantive evidence of households making use of changes in loca-
tion, composition, and income sources during the pandemic. Section 5 has illustrated
the overall patterns in household welfare predicted by the literature, and the potential
for a relationship between household coping strategies and household food security.

In Section 6 we investigate these relationships using multivariate analysis.

6 Estimates
In this section we analyse the determinants of household food insecurity and hunger

levels, examining the relative success/importance of each survival strategy.

6.1 Specifications

Model 1 is estimated using a multiple linear regression model containing the determi-

nants of different measures of household hunger, as follows:
Yit = Bo+ B1HGy + BoHHp + a X + €Gjp + OWy + 1y (1)

Y, reflects one of five outcome measures of hunger experienced in household / in

which individual i lives, in time period t. The outcomes include whether the individ-
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ual lives in a household which could not afford sufficient food in the past month, or in
which any individual experienced hunger in the past week, or whether a child in the
household experienced hunger in the past week. In addition, two measures of severe
hunger are included - whether either any individual, or in particular any child was
hungry for between three and seven days in the last week.

The HGy; are three measures of household grant receipt - whether the household
contains a CSG recipient, OAP recipient, or SRD recipient. HH}; includes household
covariates such as number of young children in the household, whether the household
receives employment income, household size, location in a rural area, and whether
the household lives in an informal dwelling or not. Other determinants include X;;, a
vector of individual level control variables including age, gender, race, and education
level. G;; includes geographical controls - binary variables for the provinces. The W;
are four dummy variables controlling for Waves 2, 3, 4 and 5. L; refers to the lockdown
level at the time of the interview, with controls for lockdown level 3 and 4, with the

113

base (omitted) case lockdown level 1°°. u;; represents the regression error.

Yie = Po+P1HGu + foHHy + aXj + €Gjp + OW +a; + uyy (2)

Model 2 includes a control for individual level time invariant fixed effects, a; with the
HGy,;, HHy; etc. defined as above. It is to be expected that some of the individual and
household characteristics will not emerge as significant in this fixed effects estimation,
as the time between the waves is fairly small, and thus very little variation may be seen

across the waves (for example adult years of education, or OAP receipt).

6.2 Results

Model 1 is estimated for the five outcomes using ordinary least squares - see Table 4.
Certain controls are omitted from the specification, including household income and
whether an individual moved dwelling recently, as data is not present in all waves
for these measures (see Tables 1 and 2). Section 6.4 discusses the results when these

controls are included, as well as a number of other robustness checks.

1311 the NIDS-CRAM, this can be identified using the interview date, however the variable is not
available in the QLFS, as lockdown levels are not constant across each quarter of the year. This explains
the differing employment measures across the NIDS-CRAM and QLFS.
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Table 4: Ordinary Least Squares Estimates

No Money Hunger Severe Child Severe
Dependent Variable for Food Hunger Hunger Child Hunger
)] @ (€] “4) &)
Covariates
CSG recipient is resident 0.03%** 0.01 -0.00 0.03*** 0.02%**
(0.01) (0.01) (0.01) (0.01) (0.01)
OAP recipient is resident -0.05%** -0.05%** -0.02%** -0.05%** -0.03%**
0.01) (0.01) (0.01) (0.01) 0.01)
SRD recipient is resident 0.01 -0.00 -0.01 -0.00 -0.01%**
(0.01) (0.01) (0.01) (0.01) (0.00)
Receives employment income -0.16%** -0. 1 1%** -0.07%** -0.08*** -0.05%**
0.01) (0.01) (0.00) (0.01) 0.01)
Number of children under 7 0.01** 0.01%* 0.01%*** 0.00 0.00
(0.00) (0.00) (0.00) (0.00) (0.00)
Household size 0.00 0.00 -0.00 0.01%** 0.00%*
(0.00) (0.00) (0.00) (0.00) (0.00)
Rural area -0.01 0.00 0.00 -0.00 -0.01
(0.01) (0.01) (0.01) (0.01) (0.01)
Informal dwelling 0.06%** 0.06%** 0.04%** 0.04%** 0.03%**
0.01) (0.01) (0.01) (0.01) 0.01)
Female 0.02%* -0.00 -0.01 0.01 0.00
0.01) 0.01) (0.01) 0.01) 0.01)
Age 0.02%** 0.01%** 0.01%** 0.01%** 0.00%**
(0.00) (0.00) (0.00) (0.00) (0.00)
Age Squared -0.00%** -0.00*** -0.00*** -0.00*** -0.00%**
(0.00) (0.00) (0.00) (0.00) (0.00)
African 0.16%** 0.14%** 0.08%** 0.09%** 0.04%**
(0.02) (0.01) (0.01) (0.01) (0.01)
Coloured 0.21%** 0.03* 0.02 0.02 0.02*
(0.02) (0.01) (0.01) (0.01) 0.01)
Indian/Asian 0.15%** 0.02 -0.02 -0.02 -0.01
(0.04) (0.03) (0.02) (0.03) (0.03)
Matric -0.09%** -0.06%** -0.04%** -0.04%** -0.02%**
0.01) (0.01) (0.01) (0.01) 0.01)
Lockdown level 3 -0.07** 0.00 0.00 -0.02 -0.05
(0.03) (0.03) (0.02) (0.03) (0.03)
Lockdown level 4 -0.04 0.03 0.02 -0.01 -0.04
(0.03) (0.03) (0.02) (0.03) (0.03)
Wave 2 -0.12%** -0.08%** -0.03*** -0.04%** -0.02%**
(0.01) (0.01) (0.01) (0.01) (0.01)
Wave 3 -0.14%** -0.05% -0.03 -0.03 -0.06**
(0.03) (0.03) (0.02) (0.03) (0.03)
Wave 4 -0.10%** -0.07*** -0.04%** -0.03*** -0.02%*
0.01) 0.01) (0.01) 0.01) 0.01)
Wave 5 -0.19%** -0.06** -0.05%* -0.06%* -0.07**
(0.03) (0.03) (0.02) (0.03) (0.03)
Dependent variable mean 0.44 0.21 0.12 0.17 0.08
Observations 27,414 27,440 27,440 21,118 21,118
R-squared 0.08 0.07 0.05 0.06 0.04

Ordinary least squares estimates using data from all 5 waves of the NIDS-CRAM survey. Robust standard errors
are in parentheses. Province controls are included but not reported here. *** p<0.01, ** p<0.05, * p<0.1. The
base lockdown level is level 1.
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At the base of Table 4 the means of each dependent variable can be seen. Forty-four
percent of individuals live in households with food insecurity (Column 1), twenty-one
percent live in households reporting hungry individuals in the last week (Column 2),
with twelve percent of individuals in households reporting severe hunger (Column
3). Seventeen percent live in households with hungry children (Column 4), and eight
percent in households with severe child hunger (Column 5).

The results found are fairly consistent across each of the five outcomes, and are
similar to those found in the literature. The income sources are discussed first. CSG
receipt appears synonymous with deprivation, and is significantly'* associated with
higher levels of food insecurity and child hunger. These amounts can be substantial
- those living in a household with a CSG resident have a probability of living with a
child with severe hunger that is twenty-five percent higher than the baseline!>. Af-
ter controlling for socio-economic and personal characteristics, household pension in-
come improves household welfare substantially compared to baseline - reducing food
insecurity by eleven percent (Column 1), severe hunger by seventeen percent (Column
3) and child hunger by twenty-nine percent (Column 4). SRD receipt has a significant
impact only on severe child hunger, reducing it by 12.5 percent (Column 4). Access to
employment income has an incredibly strong protective effect on households, reduc-
ing all types of hunger by more than fifty percent, with the most significant impact of
a sixty-two percent reduction in severe child hunger. Food insecurity (Column 1) is
reduced by thirty-six percent.

Those factors relating to mobility or migration have much less effect on food inse-
curity or hunger with the exception of type of dwelling. Having more younger chil-
dren in the household is associated with food shortage and hunger , although with
very small effects (Columns 1 and 3). Household size is only marginally associated
with one of the five outcomes: having one more person in the household is associated
with a six percent increase in child hunger (Column 4), and living in a rural area does
not affect food shortages. However, those living in informal households have substan-
tially higher rates of food insecurity and hunger, indicating a much higher level of

deprivation in these households across all measures - with the most striking a thirty-

14All effects discussed in this paragraph are significant at the one percent level (p < 0.01), except for
SRD receipt which is significant at the five percent level (p < 0.05).

I5This figure is arrived by dividing the marginal effect - the coefficient - of 0.02 by the baseline
dependent variable mean of 0.08 and multiplying by 100.
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eight percent higher level of severe child hunger (Column 5).

The individual demographic factors show that women have a slightly elevated risk
of living in households who could not afford food (Column 1), but do not experi-
ence elevated hunger. Food scarcity peaks at age fifty'®, while people of colour suffer
substantially higher rates of hunger and food insecurity across all measures. African
individuals experience rates of severe hunger sixty-seven percent more than White
individuals. Education serves as a protective factor, with a matric reducing the prob-
ability of individuals experiencing food scarcity and severe hunger by twenty and
thirty-three percent respectively (Columns 1 and 3). Interestingly, lockdown levels
do not appear to have a consistent impact on food security or hunger. Examining the
wave controls however show a large reduction in food shortages over time, particu-
larly in Wave 5 (compared to the base of Wave 1), implying some improvement in
household welfare following the first lockdown.

It is clear that while many individual and household characteristics have been con-
trolled for, a large amount of endogeneity may still be present in the coefficients ob-
served in Table 4. Fixed effects estimates of Model 2 are presented in Table 5, showing
the income and mobility related controls of interest. The results reflect the patterns
seen in Tables 1 and 2. We know there is very little change in the percentage of in-
dividuals receiving the CSG or the OAP over the 5 waves, as the waves are very close
together. Similarly the proportion of individuals living in a rural area, or an informal
dwelling, are consistent across the waves - see Table 2. It is thus expected that these co-
efficients would emerge as insignificant in the fixed effects estimates in Table 5, which
they do. We know that the relocation of children did occur over the waves, but while
we see a significant coefficient on the number of children under seven in the house-
hold, it is small and inconsistently significant (although positive, as per expectations
about households with younger children).

Those measures expected to show variation over time are SRD receipt and access
to employment income. This can be seen. Having an SRD recipient in the household,
once all other relevant controls have been included, reduces the probability that a
household will not be able to afford food by seven percent (Column 1: 0.03/0.44*100),

and reduces the probability of anyone suffering from hunger in the last week by ten

6Calculation from raw regression coefficients in Column 1
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percent (Column 2). However SRD receipt has no significant impact on severe hunger

or child hunger. Employment income also reduces hunger and food shortage, although

with smaller effects compared to those in Table 4, implying some negative omitted

variable bias has been removed by controlling for the time invariant unobserved ef-

fects. The effects are still substantial when compared to the five dependent variable

means.

Table 5: Fixed Effects Estimates

Dependent Variable

Covariates
CSG recipient is resident

OAP recipient is resident
SRD recipient is resident
Receives employment income
Number of children under 7
Household size

Rural area

Informal dwelling

Dependent variable mean

Observations
Number of pid
R-squared

No Money Severe . Severe
for Food Hunger Hunger Child Hunger Child Hunger
9] @) (€] “4) )]
0.00 -0.01 -0.01 0.01 0.01
(0.01) (0.01) (0.01) (0.01) (0.01)
-0.02 -0.01 -0.01 -0.02* -0.01
0.01) 0.01) (0.01) (0.01) 0.01)
-0.03%** -0.02%* -0.01 -0.01 -0.01
(0.01) (0.01) (0.01) (0.01) (0.01)
-0.07%** -0.04%** -0.03%** -0.03%** -0.02%**
0.01) 0.01) (0.01) (0.01) (0.01)
0.01%* 0.01 0.01%* 0.01%* 0.01%*
(0.01) (0.00) (0.00) (0.00) (0.00)
0.00 0.00 -0.00 0.00%* 0.00*
(0.00) (0.00) (0.00) (0.00) (0.00)
-0.02 -0.00 -0.01 -0.00 -0.01
(0.01) (0.01) (0.01) (0.01) (0.01)
0.00 0.00 0.01 -0.02 -0.00
(0.01) (0.01) (0.01) (0.01) (0.01)
0.44 0.21 0.12 0.17 0.08
27,414 27,440 27,440 21,118 21,118
7,988 7,992 7,992 6,889 6,889
0.03 0.02 0.01 0.01 0.01

Fixed effects estimates using data from all 5 waves of the NIDS-CRAMs. Robust standard errors are in
parentheses. Individual, province, lockdown and wave controls are included but not reported here. *** p<0.01,

% p<0.05, * p<0.1

6.3 Sub-Sample Analysis

From Sections 2 to 4 we know that certain groups or individuals are more vulnerable

to poverty, and may benefit more from income shocks such as the SRD, or may be

more likely to engage in household or individual migration in response to shocks. We

investigate this possibility in Table 6, replicating the fixed effects estimates in Columns
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1, 2 and 5 of Table 5 in a number of sub-samples. The coefficients for one income shock

(SRD receipt) and two mobility related controls (household size and number of young

children in the household) are shown. All effects referred to below are significant at

either the five or one percent level.

Table 6: Fixed Effects: Sub-Samples

Dependent Variable

Sample
SRD recipient is resident
Number of children under 7

Household size

Observations
Dependent variable mean

Sample
SRD recipient is resident
Number of children under 7

Household size

Observations
Dependent variable mean

Sample
SRD recipient is resident
Number of children under 7

Household size

Observations
Dependent variable mean

No Money Huneer Severe Child No Money Huneer Severe Child No Money Huneer Severe Child
for Food g Hunger for Food g Hunger for Food g Hunger
@ 2) 3) “) ()] ©) ()] @®) O]
Panel 4

Rural Household Female No Employment Income
-0.02 -0.02* -0.00 -0.03%*** -0.01 -0.01 -0.03%* -0.02* -0.01
(0.02) (0.01) (0.01) (0.01) (0.01) (0.01) (0.01) (0.01) (0.01)
0.00 0.00 0.01%* 0.01* 0.01 0.01* 0.02%* 0.01 0.01
(0.01) (0.01) (0.01) (0.01) (0.01) (0.00) (0.01) (0.01) (0.01)
0.01* -0.00 0.00 0.00* 0.00 0.00** 0.00 0.00 0.00
(0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00)
7,928 7,937 6,604 16,970 16,983 13,898 14,821 14,836 11,749
.46 .23 .09 .46 .22 .09 S .27 11
Panel B

Pension Recipient Present

No Pension Recipient Present

Above Average Size Household

-0.04%** -0.02* -0.01 -0.02%** -0.01 -0.01 -0.03%** -0.01 -0.01
(0.02) (0.01) (0.01) (0.01) (0.01) (0.01) (0.01) (0.01) (0.01)
0.00 0.00 0.00 0.01* 0.01 0.01* 0.01%%* 0.01 0.01**
0.01) 0.01) 0.01) 0.01) 0.01) (0.01) 0.01) (0.00) (0.00)
0.01 -0.00 0.00 0.00 0.00 0.00* 0.00* 0.00 0.00
(0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00)
9,158 9,177 7,338 18,256 18,263 13,780 19,388 19,415 17,956
45 21 .09 .44 21 .08 .46 .22 .09
Panel C
Informal Dwelling CSG Recipient is Present Household contains Child Aged < 7 years
-0.04* -0.03* -0.03%* -0.03%*** -0.01 -0.02%* -0.03%* -0.01 -0.02%**
(0.02) 0.02) 0.02) 0.01) 0.01) (0.01) 0.01) 0.01) 0.01)
0.01 0.01 0.01 0.02%** 0.01 0.01** 0.01** 0.01 0.01**
(0.01) (0.01) (0.01) (0.01) (0.00) (0.00) (0.01) (0.01) (0.01)
-0.00 0.00 0.00 0.00 0.00 0.00 0.01* 0.00 0.00
(0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00) (0.00)
6,302 6,300 5,053 16,727 16,739 16,290 14,233 14,251 14,231
.52 .29 12 .49 .24 .1 47 .23 .09

As in Tables 4 and 5, income sources emerge as significant predictors of food se-

curity and hunger. SRD receipt makes food scarcity (insufficient money for food) less

likely for a number of groups: women and households with no access to employment

income (Columns 4 and 7 - Panel A), above average size households (Column 7, Panel

B), and households where CSG recipients are present and which contain young chil-

dren (Columns 4 and 7, Panel C). SRD receipt also has a large effect on severe child

hunger in informal dwellings - which display a higher level of severe child hunger
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than other households (Column 3, Panel B). SRD receipt significantly reduces food
scarcity for households regardless of pensioner residency, but the effect is doubled in
pension recipient households (Columns 1 and 4, Panel B).

We know that the numbers of young children in the household and household
size do change over the waves (see Table 2), but these covariates do not emerge as
consistently significant in this sub-sample analysis. In strained households (those of
above average size), an extra young child in the household is associated with a 12.5
percent increase in the probability of severe child hunger (Column 9, Panel B), with a
similar result the more young children a household contains (Column 9, Panel C). In
these stretched households containing young children, the SRD reduces severe child
hunger by 22.2 percent (Column 9, Panel C). These results suggest that if mobility is
a determinant of household welfare, a change in the number of household members
is not as important as the type of household member. An increased number of child
dependents places more strain on household welfare and increases the probability of
food insecurity and severe child hunger.

These results confirm the importance of income support for more vulnerable house-
holds and groups, and show that SRD receipt can largely cancel out the negative effects

of disadvantageous household composition changes in certain groups.

6.4 Robustness Checks

In this section Models 1 and 2 are estimated with a number of differences, includ-
ing different controls and different versions of existing covariates. The results found
do not differ substantially from the previous estimates. First, Tables 4 and 5 are
estimated using a number of different measures for SRD receipt (both individual re-
ceipt and the number of SRDs receiving in the household) with similar results found.
Switching to control for a binary measure of whether a household contains young
children (versus controlling for the number of young children) has no impact.
Household income information is not collected in all waves, but when the main
results are replicated including the log of household income in a reduced sample, no
large differences are observed. Household income emerges as significant and with
a large negative effect, showing that even a one percent increase in household can

reduce food scarcity and child hunger, sometimes by as much as twenty-five percent
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- demonstrating the precariousness of these households and the small margins which
can result in households experiencing hunger or not. This finding helps to explains
why even a small amount such as the R350 SRD can have a significant impact on
household hunger. When household income is controlled for, the pension effect is still
negative and significant, but is smaller, reflecting the endogeneity of pension receipt
in a household. Similar patterns are seen in the fixed effects on inclusion of household
income for the SRD effect - its significance and size is much reduced. We make use
of another way to control for household socio-economic status, namely a number of
household characteristics from the NIDS Wave 5, without losing sample size. When
Table 4 is estimated using this data, the original results do not differ markedly.

Data for whether or not an individual has moved in the previous period is not
available in all 5 waves of the NIDS-CRAM and thus to prevent a reduced sample size,
it was not included in the original specifications. When included in the OLS estimates,
movers are found to be more likely to live in households experiencing food shortages
or hunger, as predicted by the literature. A similar but less significant effect is found
for those moving to rural areas, while moving province is not significant. Similarly,
mental health data is not available in all waves, thus its inclusion reduces sample size.
When included however, the SRD effects are reduced, implying a correlation between
SRD receipt and mental health which may be worth investigating in further research.
No other large differences are observed.

Weights are available in the NIDS-CRAM, but for simplicity we have opted to con-
trol for the demographic constituents of the weights - race, age and gender - instead
(Solon, Haider & Wooldridge 2015). However the OLS estimates do not differ when
weighted using the probability weights.

It may be the case that these results differ depending on which stage of economic
recovery or lockdown level are present (wave and lockdown do not coincide perfectly
- there is variation in lockdown level within the waves). However, the estimates do not
change when we include all possible combinations of waves and lockdown levels with
predictable coefficients.

Tables 1 and 2 are replicated using the QLFS data for 2020 (all 4 quarters) and
well as Q1 of 2021. It is important to note that the waves of the NIDS-CRAM do not
coincide with the Q1-Q4 of 2020, and Q1 of 2021, thus exactly similar patterns are
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not expected, especially with regards to the employment data (Daniels et al. 2021).
In addition, it is clear that certain definitions are different across the two surveys,
such as marital status and the definition of tertiary education. The value in the NIDS-
CRAM and QLFS comparison is in an evaluation of trends as opposed to a comparison
of absolute values, especially for the household level variables (which do differ across
the two datasets). The QLFS has a much larger sample, which follows dwellings rather
than individuals, and thus has data for all individuals in the household, unlike the
NIDS-CRAM. In addition, when examining changes over time using the QLFS, it is
inadvisable to compared across Q1 and Q2 of 2020, given the large change in sample
size and characteristics which occurred when moving from in-person interviews to
telephonic.

These results can be seen in Appendix Items A.2 and A.3. Table 7 shows a fairly
similar demographic profile, as expected, and similarly unchanging rates of receipt of
the OAP and CSG over time. The poor labour market outcomes in the NIDS-CRAM
are echoed in the QLFS, as shown by high levels of unemployment and NEET status.
We can see that the suggestion of very little movement across rural areas over time
from the NIDS-CRAM is also observed in the QLEFS, with the proportion of house-
holds in rural areas remaining fairly fixed. Similarly the proportion of households in
metropolitan areas, and household size, remain fairly constant, implying lower levels
of migration. The number of pension recipients stays constant, as does the number
of CSG recipients. A similar increase in the number of households receiving grant in-
come over time is observed, likely reflecting new SRD receipt. As in the NIDS-CRAM,
average household size does not change significantly over time. These results confirm

the patterns observed in the NIDS-CRAM.

7 Discussion

We now consider these results in context, and whether they accord with both the pre-
liminary analysis and the literature, and are econometrically sound. From an econo-
metric perspective, Tables 4 and 5 yield results consistent with the patterns of vari-
ables which are fixed over time (such as pension receipt) and those that change (SRD

receipt). Finding that the mobility related indicators are mostly insignificant accords
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with the preliminary analysis, and the nature of the lockdown, which restricted indi-
vidual movement.

Despite that mobility is often used as a preservation strategy by individuals to
cope with economic shocks (Mahmud & Riley 2021, Haughton & Khandker 2009), it
was severely limited during the strictest iterations of the national lockdown (Carlitz
& Makhura 2021, Posel & Casale 2021). Although lockdowns are vital to prevent
the spread of disease, they may close down one avenue of support commonly used
by South Africans. This may push households deeper into poverty, particularly if
the mobility of job-seekers is restricted (Posel & Casale 2021). There is a case to be
made for more specific and geographically determined lockdowns (Daniels et al. 2021,
Posel & Casale 2021), as well as a recognition of the need for government support
if households’ traditional coping strategies cannot be employed (van der Berg et al.
2021). The endogeneity of living arrangements must be taken into account during
policy making (LaFave & Thomas 2017).

Adult hunger and household food scarcity levels are much higher than the preva-
lence of child hunger, which accords with the fact that most of the significant income
effects we observe are on these two outcomes. This accords with other findings from
the NIDS-CRAM which report adults shielding children from food scarcity (van der
Berg et al. 2021).

We see large effects of pension income on household food scarcity. Pension house-
holds may have more savings compared to non-grant recipient households, which may
be used either to fund job-search, or for consumption smoothing (Berg 2013). The
combination of grants may also be advantageous - we find the SRD reduces severe
child hunger significantly in CSG households.

The causal identification of the SRD effect in particular must be considered. Cash
transfers are traditionally correlated with low income, and mobility decisions may
be made with grant receipt in mind. Some of these concerns can be alleviated by the
timing of the data collection, as well as the ubiquitous and modest nature of the grant.
The first wave of the NIDS-CRAM took place after the largest wave of migration. The
lower value of the SRD, and its availability to all adults under sixty years of age may
have made it more ubiquitous, and thus less likely to warrant moving for. Other

concerns of grant income reducing the incentive to work (Klasen & Woolard 2009,
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Baird et al. 2018) are less likely to be an issue during this period, given the extreme
nature of the economic shock, with many previously unemployed willing and able to
work (Daniels et al. 2021).

Data limitations prevent a fuller analysis of household coping strategies. These
include that not all household members were surveyed, and that data on the house-
hold head is not available. The gender and age composition of the household, and the
different consumption patterns of men and women, may well have impacted the way
in which income sources were spent, mobility decisions made, and general bargaining
power in the household (Hamoudi & Thomas 2014, Strauss, Mwabu & Beegle 2000,
Duflo 2003, Thomas 1990, Baird et al. 2018, Ambler 2013). We also have only a lim-
ited picture in that without knowing the characteristics of both the households which
individuals leave or enter, or the details of non-resident household members, we do
not know whether or not household welfare has improved or not post mobility (Posel

& Casale 2021, LaFave & Thomas 2017).

8 Conclusion

This paper attempts to quantify the efficacy of the different coping strategies used by
South African households during a period of immense economic upheaval brought by
COVID. These strategies can be broadly characterised as relating to income or mobil-
ity. The degree of adult and household movement was reduced during the pandemic,
although many young children were moved to different households. We find that vul-
nerable households relied on income sources such as government grants and employ-
ment income to reduce food insecurity and hunger. Employment income is found to
be most effective at preventing food shortages, followed by the old age pension and the
new social relief of distress grant. Household composition and location indicators do
not predict any differences in food insecurity, implying that mobility based strategies
did not improve welfare.

A limited body of knowledge exists on household survival strategies and house-
hold formation in South Africa (Leibbrandt et al. 2016), which we seek to contribute
to. The literature on household formation has been largely based on developed coun-

tries, with a focus on young people (Ebrahim et al. 2013). Certainly new household
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formation through young people leaving the family home was likely to be delayed
during the COVID crisis (Ebrahim et al. 2013, Leibbrandt et al. 2016). However the
differences in unemployment levels and cultural norms between South Africa and de-
veloped countries may render much of the household formation theory less applicable
in this country (Ebrahim et al. 2013). A great deal of the debate in South Africa around
household formation has focused on the effect of the positive income shock of the old
age pension (Ebrahim et al. 2013). This paper uses an empirical approach to broaden
the debate around household welfare beyond pensions, to other survival strategies.

Access to the social relief of distress grant is a major shift for low-income working
age South Africans, a group which previously did not receive any form of government
assistance (Black 2012). Discussions of a basic income grant (BIG) for South Africa
began in the 1990s, and while under unfortunate circumstances, the introduction of
the SRD has sparked renewed interest in the topic (Pienaar et al. 2021). The swift
implementation of the SRD, and the innovative fundraising by the South African gov-
ernment, imply logistical constraints might not be an issue when introducing a basic
income grant (Samson, Babson, Haarmann, Haarmann, Khathi, Mac Quene & van
Niekerk 2002), and that financial constraints could be creatively addressed (van der
Berg et al. 2021, Pienaar et al. 2021). However, continuing to distribute the SRD may
have a bigger poverty alleviation effect than other programs, including the basic in-
come grant (Kohler & Bhorat 2021). The availability of the NIDS-CRAM survey over
the period of introduction allows a first attempt to examine which household out-
comes such a widely received grant might impact.

Cash transfers are not the only support governments can give to citizens during a
time of economic crisis (or otherwise). Food distribution, public works programs, and
programs to encourage employment are all possibilities. However, cash transfers have
been shown to be more cost efficient at improving social welfare than food programs
(Farrington & Slater 2006), while our results show the clear importance of policies to
urgently reduce unemployment.

Further questions include the degree to which income is shared in households, and
if this resource allocation is skewed in any particular way - on gender or age lines for
example. This paper does not investigate the theoretical aspects of the decision mak-

ing process although it has been shown before that the unitary model is not applicable
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in South Africa (LaFave & Thomas 2017). Given the effective precariousness of many
South African households, understanding household formation and its impact on eco-
nomic outcomes is important (Ebrahim et al. 2013). Extended families are known
to be important in developing countries in particular, but evidence on the resource
sharing between family members across different households is less well researched
(LaFave & Thomas 2017).

The SRD may not only help households meet their basic needs, but may also in-
crease individual agency to start businesses or seek work (Nnaeme et al. 2020, Baird
et al. 2018, van der Berg et al. 2021). However the possibilities of the SRD in this
respect depend on the issue of “fertile ground”. If a cash transfer is distributed in
an environment with no opportunity, such as areas with high poverty and unem-
ployment, it may only satisfy basic needs and not promote true economic recovery
(Nnaeme et al. 2020, Baird, Chirwa, De Hoop & Ozler 2014). The policy implications
are that government programs can complement each other, yielding a multiplicative
positive effect on welfare. In addition, as with any cash transfer, the size of the trans-
fer matters. While the SRD is seen to have helped ease household hunger, especially
in vulnerable groups, pre-existing larger transfers such as the old age pension have
a much larger effect. Every effort should be made to increase the SRD grant amount,

and broaden its reach to more South Africans.
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Appendix

A.l

Figure 6: Household Hunger (Household Income Sources)
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Figure 6 shows the proportion of individuals who live in households which experienced
any level of hunger in the previous 7 days, differentiated by sources of income in the
household: SRD, OAP, CSG, and employment income, graphed over age. 95% confi-
dence intervals are shown. Source: NIDS-CRAM Waves 1 to 5.

No differences in hunger are present by type of pension household, for most adults,
while SRD receipt in the household appears as a protective factor for younger adults,
but after the age of forty levels of hunger are substantially higher among SRD recip-
ients. Receipt of the CSG in the household serves as a clear indicator of economic
deprivation, with higher levels of hunger in households which receive the CSG. Simi-

larly, employment income is highly protective of households, largely reducing hunger.
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A.2

Table 7: Individual Descriptive Statistics: QFLS

QLFS
Q1 Q2 Q3 Q4 Q1 (2021)
Female 0.52 0.52 0.52 0.52 0.52
Age 39.9 40.0 40.0 40.1 40.1
African 0.79 0.79 0.79 0.79 0.80
Coloured 0.09 0.09 0.09 0.09 0.09
Indian/Asian 0.03 0.03 0.03 0.03 0.03
White 0.09 0.09 0.09 0.09 0.09
Years of education 10.2 10.4 10.4 10.4 10.4
Matric 0.45 0.46 0.46 0.46 0.47
Any tertiary education 0.13 0.14 0.13 0.13 0.13
Married 0.29 0.29 0.29 0.29 0.29
Old age pension recipient 0.15 0.16 0.17 0.17 0.18
Child support grant recipient 0.21 0.19 0.20 0.20 0.20
Employed (strict) 0.70 0.77 0.69 0.68 0.68
Unemployed (strict) 0.30 0.23 0.31 0.32 0.32
Unemployed (broad) 0.37 0.32 0.38 0.40 0.41
Labour force participant (strict) 0.60 0.47 0.54 0.57 0.56
Labour force participant (broad) 0.68 0.54 0.61 0.64 0.64
Not employed, enrolled, or in training (NEET) 0.50 0.55 0.53 0.52 0.53
Actual hours worked (past 7 days) 42.3 35.1 39.9 41.7 41.0
Doing Farm Work 0.06 0.08 0.07 0.07 0.08
Works in Informal Sector 0.69 0.73 0.72 0.72 0.73
Number of Individuals Aged 18 and Upwards 43,181 30,072 30,062 31,206 29,197
Number of Households 20,535 13,383 13,518 14,224 13,391

Source: Quarterly Labour Force Survey: Quarters 1 to 4, 2020, Quarter 1, 2021. Weighted individual descriptive statistics. The
sample consists of individuals aged eighteen years and up.
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A3

Table 8: Household Descriptive Statistics: QFLS

QLFS
Ql Q2 Q3 Q4 Q1 (2021)
Household size 3.33 3.48 3.46 3.43 3.42
Rural area 0.30 0.30 0.30 0.30 0.30
Metropolitan area 0.44 0.44 0.44 0.44 0.44
Receives employment income 0.68 0.63 0.65 0.65 0.65
OAP recipient is resident 0.30 0.29 0.30 0.30 0.31
Number of OAP recipients 0.27 0.28 0.29 0.29 0.29
CSG recipient resident 0.25 0.29 0.30 0.30 0.31
Number of CSGs received 0.22 0.28 0.28 0.27 0.28
Receives any grants income 0.35 0.39 0.41 0.43 0.44
Child under 7 present 0.29 0.31 0.31 0.30 0.30
Number of children under 7 0.41 0.43 0.43 0.42 0.41
Person aged above 60 present 0.25 0.25 0.25 0.25 0.25
Number people above 60 0.30 0.32 0.32 0.32 0.32
Number of Households 20,535 13,383 13,518 14,224 13,391

Source: Quarterly Labour Force Survey: Quarters 1 to 4, 2020, Quarter 1, 2021. Weighted household descriptive statistics.
The sample consists of households containing at least one individual aged eighteen years and up.
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