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Abstract 

In this paper we seek to understand how the employment of different age groups in 2020 was affected 

by the COVID-19 pandemic in South Africa, along with the correlation between individuals’ outcomes 

and their employment history. First, cross-sectional employment outcomes by age (and education) are 

presented for four 2020 months (February, April, June and October, as measured in NIDS-CRAM). 

Thereafter, employment dynamics over the year are described and contrasted with employment 

dynamics from five pre-COVID years (2010-2014, as measured in panels based on the QLFS). We find 

that several aspects of the churning observed in 2020 far exceed transitions from these benchmark 

years, with a greater proportion of those without employment at the beginning of the year finding work 

by the end of the year and much higher job attainment among youth. Finally, we analyse employment 

outcomes during 2020 according to individuals’ employment history between 2012 and 2017 (as 

captured in NIDS waves 3 to 5). We find that employment history correlated strongly with 2020 

employment outcomes: individuals with stronger employment histories were more likely to remain 

stably employed, or, among the non-employed, to find work. This shows the importance of historical 

context in understanding the employment effects of COVID-19.  
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Section A:  Introduction 
 
In 2020 the South African labour market was hit by the COVID-19 pandemic and lockdown, with large-
scale restrictions introduced on mobility and economic activity. The imposition of a level 5 lockdown 
by government in late March led to unprecedented levels of job loss, with already disadvantaged groups 
such as informal workers, women, Africans and youth found to be disproportionately affected (Jain, 
Budlender et al., 2020; Ranchhod & Daniels, 2021; Casale & Posel, 2020). Lockdown restrictions were 
relaxed over the course of the year, but remained in place to some degree throughout and were 
tightened again in December in response to a second wave of infections.  
 
Data from the National Income Dynamics Study – Coronavirus Rapid Mobile Survey (NIDS-CRAM) about 
employment in four months (February, April, June and October) provide insight into what happened to 
employment levels and dynamics over the course of the year1. This makes it possible to investigate how 
the recovery varied for different groups following the job shedding at the beginning of the year. In 
addition, when benchmarked against historical data we can use this information to begin to understand 
what the effect of that exogenous shock was on subsequent employment dynamics throughout the 
year. This investigation is important given the large role that changes in employment (and the volatility 
thereof) play in determining individuals’ and households’ welfare (Schotte et al., 2017; Zizzamia et al., 
2019). 
 
Existing research has indicated the importance of individuals’ employment experience for their 
subsequent employment prospects. High levels of churning have been observed in the South African 
labour market (Banerjee et al., 2008; Kerr, 2018). Amidst these transitions, both youth who do not have 
previous work experience (De Lannoy et al., 2020; Mlatsheni & Ranchhod, 2017) and older adults with 
a limited or chequered history of employment (Zizzamia & Ranchhod, 2019) have been found to be less 
likely to find and keep employment in South Africa. It is an open question how the influence of an 
individual’s employment history might have changed in the face of the severe shock of COVID-19, but 
these findings suggest that consideration of individuals’ employment history is an integral part of 
understanding their COVID-era outcomes.  
 
This point is substantiated by arguments as to the value of understanding or classifying people and 
households based on longer term outcomes rather than cross-sectional snapshots (Finn & Leibbrandt, 
2017; Schotte et al., 2017). In addition, research has found that people of different ages have different 
employment prospects and are differentially affected by economic crises (Altonji et al., 2014; von 
Wachter, 2020). This suggests that it is important to complement a focus on employment history with 
an investigation of heterogeneity in employment outcomes by age.  
 
In this paper we document what we know from existing research about the employment dynamics of 
these meaningfully different employment groups in the pre-COVID South African labour market. 
Thereafter we investigate what happened to the employment of people of different ages and with 
different employment histories during COVID-19.  
 

 
1 These months cover a pre-pandemic period, lockdown level 5, lockdown level 3 and lockdown level 1, 
respectively.  
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In Section B we review the relevant literature on these themes before describing the data we use for 
our descriptive analyses in Section C. In Section D, we present a cross-sectional overview of 
employment in 2020 by age and educational attainment. Thereafter, in Section E, we assess the 
churning underlying these cross-sectional changes, seeking to understand how the magnitude of 
transitions into and out of employment over the course of the year compared to the transitions made 
in a sample of pre-COVID years. In particular, employment attainment is compared among groups with 
different employment outcomes at the start of the year and among different age groups. Having 
established the degree to which the employment transitions made in 2020 were exceptional relative 
to previous years, we then describe how 2020 employment outcomes (including employment stability 
and job finding) varied as a function of individuals’ pre-COVID employment history (in Section F). We 
then provide a concluding discussion in Section G.  
 
 
Section B:  Background and Literature  
 
Before the massive employment shock caused by the COVID-19 pandemic and lockdown, South Africa 
already had very high levels of unemployment (Theron, 2010; Stats SA, 2020). Youth have experienced 
especially high and persistent unemployment rates, despite significant labour market interventions 
targeting youth in the post-apartheid era (De Lannoy et al., 2020). While unemployment has remained 
persistently high, it is not the case that the labour market is static. Some people are stably employed 
or chronically unemployed, but many others transition frequently into and out of employment or 
different jobs (Cichello et al., 2005; Kerr, 2018; Bannerjee et al., 2008).  
 
Zizzamia and Ranchhod (2019) studied employment volatility between 2008 and 2017, finding that 
those who were initially poor or unemployed were much more likely to experience volatile employment 
(or remain unemployed) over the period, along with women, Africans and youth. They conclude that it 
makes sense to think about South Africans as belonging to one of three groups: the stably employed, 
the volatile employed and the persistently unemployed. Other studies have echoed the finding that 
youth are especially likely to lose employment shortly after finding it: Mlatsheni and Ranchhod (2017) 
found that only around half of those youth who found work after completing their education were still 
employed when they were interviewed 2-3 years later.  
 
Estimates of overall churning in the South African labour market echo this finding of high volatility. 
Banerjee et al. (2008) studied transitions between September 2002 and March 2003 using a Labour 
Force Survey panel. They found that around 89% of the formally employed were still employed in some 
way in the following period, as compared to 64% of informal workers, and that rates of job finding 
among different non-employed groups ranged from 8% to 19%. Kerr (2018) studied worker and job 
flows between 2011 and 2014 using firm-level tax (IRP-5) data and found very high levels of worker 
flows (defined as the sum of all hires and separations). The extent of these flows was in excess of what 
was needed for job reallocation among different firms, thus signifying high levels of churning (Kerr, 
2018). 
 
This churning and employment volatility has significant implications for individual and household 
wellbeing, with stable labour income found to be crucial for economic stability and loss of employment 
found to be the biggest determinant of movements into poverty (Schotte et al., 2017). Perhaps 
unsurprisingly given the prevalence of precarious employment and the associated poverty risks, 
research focused on dynamics in South Africa has repeatedly revealed the limitations of using cross-
sectional snapshots to understand outcomes for individuals and households (Finn & Leibbrandt, 2017; 
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Schotte et al., 2017). These limitations extend to analyses that only consider the employment outcomes 
of a person in the period immediately preceding a shock.  
 
The case for studying COVID-era outcomes through the lens of employment history and stability is 
substantiated by research on labour market scarring that shows the path dependency of an individual’s 
contemporary outcomes on their historical (and especially early career) outcomes (von Fintel & Black, 
2007). The unemployment scarring literature has found that an individual’s propensity for future 
unemployment increases with previous spells of unemployment (Gregg, 2001; Arulampalam et al., 
2001), possibly because unemployment precludes the accumulation of work experience and skills 
(which may even deteriorate), because it can be interpreted as a signal of low productivity by potential 
employers (Arulampalam et al., 2001), and because it reduces ‘productive’ social contact with people 
who have information about job opportunities (De Lannoy et al., 2020).  
 
This scarring literature also raises concerns about the longer-term effects of the crisis on individuals’ 
ability to find employment in future. Other research from the United States has found that college 
graduates entering the labour market are particularly vulnerable to prevailing economic conditions 
(Altonji et al., 2014; von Wachter, 2020). They can suffer greater effects in the long-term relative to 
those graduating in non-recessionary periods, including higher unemployment and lower, more 
unstable earnings and hours worked. Importantly, these effects seem to persist even after the economy 
has recovered from the shock or recession and seem to be more acute for lower educated youth 
(Schwandt & von Wächter, 2018). 
 
A review of this research has revealed the existence of two distinct vulnerable groups: a persistently 
unemployed group with minimal chances of finding gainful employment and a precarious group who 
transition frequently into and out of short spells of employment. We also know that youth are especially 
likely to belong to these groups, and that there is substantial churning in the South African labour 
market, contrary to expectations based on perceptions of South Africa’s labour law being rigid (Kerr, 
2018). With the exogenous shock of the COVID-19 pandemic and lockdown, questions emerge about 
the extent to which the labour market has restructured (a compositional question), and the extent to 
which the stability of the labour market has changed in an enduring way (a distinct but related dynamics 
question). In this paper we attempt to shed some light on these questions, and to reveal how the 
different (vulnerable) groups identified in the literature have been affected by any change in the 
structure or dynamics of the South African labour market.  
 
 
Section C:  Data 
 
The main data for this paper come from two different but related data sources: the first three waves 
of the NIDS-CRAM panel (May, July and November 2020) and waves 3 to 5 of the National Income 
Dynamics Study (NIDS) panel (2012, 2014/15 and 2017).  
 
NIDS was a South African national panel survey that started in 2008 with a sample of 28,226 people 
who were re-interviewed (along with anyone that they lived with) every two or three years, for five 
waves up to 2017 (Brophy et al., 2018)2. NIDS-CRAM is a follow-up individual-level survey implemented 
during the the COVID-19 pandemic and therefore using Computer Assisted Telephone Interviewing 
(CATI). The survey is focused on adult individuals’ responses to the pandemic and national lockdown 
(Ingle et al., 2021). The NIDS-CRAM sampling frame came from the NIDS wave 5 sample, and so (after 

 
2 At that stage close to 37,368 individuals were interviewed.  
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weighting) it estimates outcomes in 2020 for a broadly representative sample of South African adults 
from 2017. In NIDS-CRAM wave 3 a top-up sample was randomly selected from individuals from the 
original NIDS wave 5 sample (who had not been selected previously for NIDS-CRAM wave 1 sampling)3.  
 
NIDS-CRAM provides employment status information for four periods: February, April (both from wave 
1), June (from wave 2), and October (from wave 3). In Section D, where we investigate employment 
outcomes in 2020 by age, the full cross-section from each wave of NIDS-CRAM (and the NIDS-CRAM 
scaled cross-sectional weight for each wave) was used for the employment estimates for respective 
periods. On the basis of individuals’ age at the time of their NIDS-CRAM wave 1 interview, we define 
three age groups that are used across the paper: youth (18 to 24), prime-age adults (25 to 40) and 
middle-age adults (41 to 55)4. Working-age adults above 55 years of age are omitted to increase the 
likelihood that any movements out of employment we observe are job losses rather than voluntary 
withdrawals from the labour market5.  
 
Estimates for 2020 employment dynamics analysis in Section E are based on the balanced panel of 
respondents across waves 1 to 3 of NIDS-CRAM and weighted using wave 3 balanced panel weights. 
The historical comparison for these estimates is based on Quarterly Labour Force Survey (QLFS) panels 
for the years 2010-20146. A single estimate for 2010-2014 is provided based on the pooled sample of 
all individuals who were present and had employment status across all four quarters of any one of the 
five years in the period. Estimates are weighted using cross-sectional QLFS weights from Q1 of the year 
in which an individual was sampled7.  
 
In Section F, where we analyse the relationships between employment history, age and changes in 
employment in 2020, estimates are based on a balanced panel of individuals interviewed across waves 
3, 4 and 5 of NIDS and waves 1, 2 and 3 of NIDS-CRAM. Given the length of the panel, and the likelihood 
that attrition is correlated with important characteristics, it is important to think about who stays in the 
balanced panel from NIDS wave 3 (2012) to NIDS-CRAM wave 3 (October 2020). Appendix 1 presents a 
comparison of unweighted statistics for the NIDS-CRAM wave 1 cross-section and our balanced panel 
in May 2020, providing some insight into whether the sample in the balanced panel is different from 
the NIDS-CRAM sample in a meaningful way8. The table shows that the balanced panel had slightly 
higher proportions of Africans, women and older adults relative to the NIDS-CRAM cross section. On 
the other hand, educational attainment, employment, earnings and urban residence rates were slightly 

 
3 This was done to counterbalance attrition between waves of NIDS-CRAM (Ingle et al., 2021). 
4 For respondents from the NIDS-CRAM wave 3 top-up sample who do not have a wave 1 interview date or age 
recorded, their age on 1 June 2020 (around the midpoint of the wave 1 interview process) was calculated using 
their date-of-birth information. 
5 This decision was motivated by research from Lam et al. (2005) finding South Africans to have gradually declining 
labour force participation rates in the years preceding retirement age. This exclusion means that we will fail to 
capture some of the heterogeneity in employment outcomes by age. See Espi et al. (2021) for a comparison of 
age groups’ outcomes during COVID-19 which explicitly compares outcomes of older adults above 55 with 
outcomes of younger groups.  
6 The QLFS uses a rotating panel structure where 25% of the sample is refreshed in each quarter. This means that 
each household remains in the sample for 4 quarters (if they do not attrite) and that some kind of panel can be 
constructed from the data. The QLFS panels used here were made available on a confidential basis to some 
members of SALDRU to collaborate with StatsSA on a data quality exercise. Matching data included demographic 
information, as well as respondents’ first and last names. Permission was obtained from StatsSA for project 
participants to also use the data for research purposes. 
7 The fact that these estimates are based on cross-sectional weights from the first period in question, and not on 
specially created balanced panel weights, means that they do not account for panel attrition over the period, or 
for the sample rotation that is part of the QLFS design. This will cause some bias in the estimates.  
8 See Espi et al. (2020) for a thorough description of a similar balanced panel.  
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lower in the balanced panel. The broad similarity in characteristics across the two samples meant that 
we were comfortable in proceeding with the analysis, but with careful consideration of the effect 
sample differences could have on our estimates.  
 
We create balanced panel weights that are adjusted for respondents’ probabilities of remaining in the 
sample between waves. (See Appendix 2 for a full explanation of the weight creation process). Due to 
the focus on employment history all estimates in Section F are based on members of the balanced panel 
who also have employment status information across all periods considered.  
 
 
Section D: Cross-Sectional Employment Outcomes by Age in 2020 
 
In this section we document the employment outcomes for our three age groups (youth, prime-age 
adults and middle-age adults), based on the NIDS-CRAM waves 1 to 3 cross-sections. We first seek to 
determine overall changes in employment rates by age group, before disaggregating by educational 
level. We then examine how other aspects of employment (earnings and hours worked) changed for 
each age group over the course of 2020. In examining employment, we generally use employment-to-
population ratios. Note that this population statistic is not restricted to labour market participants 
(those wanting to work) and does not distinguish between active employment and other forms of 
employment (like paid leave or furloughed status)9. 
 

Figure 1: Employment to population ratio by age group in 2020 
 

 
 

9 The fact that we do not distinguish between active employment and non-active employment (i.e. paid leave and 
furloughed workers) means that we miss some of the initial drop in active employment between February and 
April (along with some recovery between April and June) (Jain, Bassier et al., 2020). Our investigation of transitions 
between states, and the extent to which the composition of the workforce was restructured, is thereby limited 
to consider one kind of employment change (into and out of conventionally defined employment). 
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Figure 1 shows employment-to-population ratios by period for all working-age adults, as well as 2020 
youth, prime-age and middle-age adults. All age groups experienced dramatic job loss between 
February and April. Between April and June youth experienced further job losses while there was no 
change in employment for prime-age adults and an increase for middle-age adults. The gradients 
between June and October show that there was pronounced job growth across all age groups. Job 
growth was particularly large for youth in this period, with employment rising from 25% to 37%. This 
led to a higher employment-to-population ratio among youth in October (37%) compared to February 
(33%). Middle-age adults regained their pre-lockdown employment (66%), while employment levels 
among prime-age adults did not fully recover, falling from 63% in February to 60% in October10. When 
considering all working-age (18-64) adults, there was a decrease in the employment-to-population ratio 
between February and April (from 55% to 47%), with employment then remaining stable until June11 
before increasing between June and October (to 56%). 
 
To investigate interactions between age and education with respect to these employment changes, 
Table 1 disaggregates employment-to-population ratios by education level within each age group.  
 

 
10 The changes over time in employment-to-population ratios within different age (and education) groups 
discussed in this section are not statistically significant (results for statistical significance of differences not 
shown). Therefore, all findings remain indicative and caution must be exercised in interpreting them. 
11 The constant employment rate between April and June masks an increase in active employment in the period 
as those who were on paid leave or furloughed in April returned to work (Jain, Bassier et al., 2020). 
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Table 1: Employment in 2020 by age group and education level 

Age group Education level 
Percentage employed in 

February 
N 

Percentage employed in 
April 

N 
Percentage employed 

in June 
N 

Percentage employed in 
October 

N 

Youth  
(18-24) 

Less than 
matric 

29.85 (3.44) 418 20.91 (3.08) 411 17.65 (3.1) 332 23.55 (3.84) 406 

Matric 29.18 (3.78) 428 24.69 (3.68) 419 24.51 (4.13) 349 43.32 (5.04) 436 

More than 
matric 

41.5 (5.1) 226 43.62 (5.38) 221 37.5 (5.28) 178 44.08 (5.54) 206 

Prime-age 
adults  

(25-40) 

Less than 
matric 

55.79 (2.68) 1343 47.83 (2.38) 1326 44.69 (2.16) 1076 53.47 (2.8) 1120 

Matric 65.67 (2.53) 788 49.79 (2.88) 777 55.08 (3.24) 609 60.9 (3.24) 665 

More than 
matric 

70.76 (2.24) 798 63.71 (2.68) 786 62.74 (2.99) 620 69.42 (3.29) 637 

Middle-age 
adults  

(41-55) 

Less than 
matric 

55.19 (2.95) 1092 46.07 (2.78) 1077 48.39 (3.39) 888 55.29 (3.37) 947 

Matric 70.26 (3.94) 310 57.05 (4.86) 308 62.45 (5.67) 249 65.69 (6) 243 

More than 
matric 

87.57 (2.35) 348 82.27 (2.63) 343 87.43 (2.4) 265 92.08 (2.13) 250 

Notes:  Estimates based on the full cross-section with employment status information in each wave of NIDS-CRAM and weighted with cross-sectional weights. Standard 
errors in parentheses.  
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The table shows that job recovery was positively correlated with educational attainment among youth, 
while there was no clear correlation among prime-age and middle-age adults. Across age groups, those 
with more than matric had largely recovered to February employment levels (or higher) by October. 
There was a more inconsistent pattern of recovery among those with matric or less than matric (across 
age groups).  
 
Among youth there was substantial heterogeneity in October employment outcomes by education 
level. Contrary to what would be expected and in contrast with lesser educated youth, the 
employment-to-population ratio of youth with more than matric increased between February and April 
(before dropping in June). Youth with matric or more than matric then experienced large employment 
increases between June and October, leaving them with a higher employment-to-population ratio in 
October than in February. This increase was especially large for youth with matric, whose employment 
increased from 29% in February to 43% in October. Youth with less than matric, on the other hand, 
experienced a notably smaller increase in employment levels between June and October (18% to 24%), 
and this was insufficient to recover to their February employment levels (30%). There was less of a clear 
correlation between educational attainment and employment increases (after June) in the older age 
groups, where all educational groups saw similar increases.   
 
Table 2 shows various percentiles of the earnings distribution (the 25th percentile, median and 75th 
percentile) for the three age groups across February, April, June and October. This gives us some insight 
into how monthly earnings changed at different parts of the distribution over the course of the year.  
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Table 2: Monthly earnings and duration of work in 2020 by age group  

 
Earnings 25th percentile Earnings median Earnings 75th percentile 

Mean days worked per 
week 

Mean hours worked 
per day 

Feb Apr June Oct Feb Apr June Oct Feb Apr June Oct Apr June Oct Apr June Oct 

Youth  
(18-24) 

965.7 1104.8 1323.9 1000 1931.3 3306.8 2751.7 2598 4066 5091.3 5295.5 3906 
3.52 

(0.22) 
4.98 

(0.19) 
4.45 

(0.17) 
6.31 

(0.55) 
8.15 

(0.47) 
7.57 

(0.27) 

Prime-age 
adults  

(25-40) 
1524.7 3054.8 2547.9 2200 3862.7 5290.9 4854.2 4300 8131.9 12830.1 10191.5 9000 

3.63 
(0.11) 

4.79 
(0.08) 

4.64 
(0.07) 

6.53 
(0.2) 

8.43 
(0.15) 

8.09 
(0.14) 

Middle-
age adults  

(41-55) 
1524.7 2851.1 2649.8 2000 4370.9 6822.4 5299.6 5000 11181.4 16292.2 15287.2 14000 

3.72 
(0.13) 

4.64 
(0.1) 

4.83 
(0.08) 

6.59 
(0.24) 

8 
(0.18) 

8.21 
(0.13) 

Notes:  Estimates based on the full cross-section with employment status information in each wave of NIDS-CRAM and weighted with cross-sectional weights. Earnings 
percentiles reflect the sample of positive earners at each period. Point values were imputed for bracket earnings responses by taking the median earnings of individuals who 
gave point values falling within the range of each bracket. All monthly earnings in real November 2020 South African rands (ZAR). Standard errors in parentheses for mean 
days and hours worked columns. 
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For all age groups, there was a sharp increase in real earnings across the earnings distribution between 
February and April12 for those who retained their jobs and had positive earnings. This was likely driven 
by composition effects as lower-wage workers were more likely to lose work during this period 
(Ranchhod & Daniels, 2021). The pattern between April and June diverges for youth and for prime-age 
and middle-age adults. For youth, earnings continue to increase at the 25th and 75th percentiles (but 
not the median). For prime-age and middle-age adults, earnings begin to decline. Between June and 
October all groups see reductions in earnings across the distribution, but earnings in October remain 
higher than February earnings across all percentiles shown for all age groups (except for youth at the 
75th percentile).  
 
Comparing across age groups, in all four periods prime-age and middle-age adults had similar earnings 
at the lower part of the earnings distribution, with middle-age adults earning substantially more at the 
higher end of the earnings distribution. Earnings for youth were consistently lower than for the two 
older age-groups for all percentiles and periods shown.  
 
Table 2 also contains mean days worked per week and mean hours worked per day for April, June and 
October, providing insight into whether there were changes in working patterns among the employed. 
While April to June saw substantial increases in mean days and hours worked, likely reflecting the easing 
of the national lockdown, these figures remained stable around a mean of 5 days worked per week and 
8 hours worked per day between June and October. There were no clear differences between age 
groups in the duration of work. 
 

 
 
Section E: Employment Dynamics by Age in 2020 Compared to 2010-2014 
 
In this section we analyse the churning underlying the cross-sectional changes in employment 
documented above. We seek to understand the large movement into employment observed between 
June and October by saying more about who these job finders were, in terms of early 2020 employment 
status, age and education. In addition, this 2020 churning is benchmarked to churning from five pre-
COVID years (2010-2014) so that we can say how much of it is exceptional over and above the churn 
observed in a typical year.  
 
The tables in this section present estimates for 2020 based on data from NIDS-CRAM and for 2010-
2014 based on data from QLFS panels. In making any comparison between NIDS-CRAM in 2020 and the 
QLFS it must be kept in mind that the periods (within a year) covered by each survey are not perfectly 
aligned13. For the sake of harmonisation, in the tables Q1 refers to February, Q2 to April and Q4 to 
October (in 2020, NIDS-CRAM).  

 
12 One exception was the lower part of the youth earnings distribution where there was a more minor earnings 
increase.  
13 The QLFS divides a year into four three-month quarters, and respondents (who can be interviewed at any point 
within the three months for a given quarter) are asked about employment activity within the last 7 days. NIDS-
CRAM, on the other hand, asked about employment activity within four specific 2020 months, one from Q1 
(February), two from Q2 (April and June) and one from Q4 (October). However, for our purposes where we are 
focused on employment transitions across a year it is significant that we have information about individuals’ 
employment at four sequential points within a year in both cases. Further, it is useful that NIDS-CRAM has a Q1 
and a Q4 time-point so comparable statements can be made about individuals’ transitions between the beginning 
and end of a year. However, these differences in time points mean that NIDS-CRAM will capture seasonal 
phenomena that are specific to certain months (beyond COVID-19 and 2020-specific phenomena) and will fail to 
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Given the highly exceptional and unprecedented imposition of a national lockdown at the beginning of 
2020 one would expect much lower rates of job retention in that year relative to the previous years. 
Indeed, around 92% of individuals retained work between Q1 and Q2 in the 2010-2014 period, relative 
to 75% in 2020 (results not tabulated). Therefore, it is more meaningful to investigate whether there 
have been additional changes in employment dynamics brought about by the pandemic or as a knock-
on effect of this rapid job shedding.  
 
Table 3 shows employment attainment in Q4 (October) among a) those without employment at the 
beginning of the year, and b) those who lost employment between the first two quarters of the year.  
 

Table 3: Employment attainment in 2010-2014 (QLFS panels) and 2020 (NIDS-CRAM)  
for different employment and age groups 

Year Age group 
Percentage of Q1 non-

employed employed in Q4 
N 

Percentage of Q2 job 
losers employed in Q4 

N 

2010-2014 

All working age 
(18-64) 9.62 (0.23) 25430 38.87 (1.59) 1272 

Youth (18-24) 6.67 (0.35) 7193 36.81 (3.86) 203 

Prime-age 
adults (25-40) 

15.31 (0.51) 6845 42.17 (2.36) 583 

Middle-age 
adults (41-55) 13.18 (0.6) 4671 36.79 (2.92) 355 

2020 

All working age 
(18-64) 

27.38 (1.71) 2347 55.02 (3.71) 599 

Youth (18-24) 28.33 (3.47) 491 45.41 (10.25) 68 

Prime-age 
adults (25-40) 30.04 (2.78) 784 53.41 (4.09) 314 

Middle-age 
adults (41-55) 

31.74 (3.67) 472 63.04 (5.87) 182 

Difference 
between  

2020  
and  

2010-2014 

All working age 
(18-64) 

17.76 - 16.15 - 

Youth (18-24) 21.66 - 8.6 - 

Prime-age 
adults (25-40) 14.73 - 11.24 - 

Middle-age 
adults (41-55) 

18.56 - 26.25 - 

Notes: 2010-2014 estimates based on the pooled sample of all individuals who were present and had 
employment status across all four quarters of a year in QLFS panels over the period. Estimates are weighted using 
cross-sectional QLFS weights from Q1 of the year in which an individual was present. For 2020 (NIDS-CRAM) 
employment status Q1 refers to February and Q4 refers to October.   

 
capture phenomena that occur outside of the months in question, and that will be represented by some QLFS 
respondents (e.g. holiday work in November and December, or Q3-specific patterns).  
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The 2020 rows tell us about the job finding that occurred after the initial shock of the COVID-19 
pandemic and imposition of the lockdown. Surprisingly, only around 55% of April (Q2) job losers had 
found employment by October (Q4), despite the percentage of working-age adults in employment 
returning to similar levels over the period. In contrast, a substantial 27% of working age adults who 
were without employment in February (Q1) had found work by October. Rates of employment 
attainment among the February non-employed were similar for the three age groups. In contrast, the 
share of individuals bouncing back from April job loss was clearly correlated with age.  
 
The 2010-2014 rows (and the difference rows) provide a historical benchmark for this 2020 job 
finding14. In stark contrast to 2020, only 10% of Q1 non-employed working-age adults found 
employment by Q4 between 2010 and 2014 (a difference of around 18 percentage points). 
Disaggregating by age group, we see that employment attainment among the non-employed was 
greater in 2020 than in previous years for all age groups. However, the gap between historical estimates 
and the 2020 estimate was especially large for youth (22 percentage points, relative to a gap of 15 and 
19 percentage points for prime-age and middle-age adults, respectively). Further, the pattern of youth 
having much lower employment attainment rates over the course of a year relative to the older groups 
was clear in the 2010-2014 period but absent in 2020.  
 
The next column shows that Q4 employment attainment among those who had lost work between Q1 
and Q2 of a given year in the 2010-2014 period. Around 39% of working-age job losers managed to 
bounce back into employment in these years. This puts the fact that 55% of (2020) April job losers were 
employed again by October in perspective. There was some heterogeneity among age groups in terms 
of this recovery, with prime-age adults (42%) more likely to recover work relative to youth and middle-
age adults (37%). The largest contrast in recovery rates was in the middle-age group, with only 37% 
returning to employment by Q4 in 2010-2014 as compared to 63% in 2020.  
 
For the prime-age and middle-age groups we can use individuals’ employment history to contextualise 
their 2020 employment outcomes (see the following section). For youth, who have no employment 
history to observe, we seek to understand heterogeneity in their outcomes through the lens of 
education instead.  
 
The age and education analysis in Section E revealed that there were more youth with matric or more 
than matric employed in October relative to February. Table 4 shows employment attainment by Q4 
(October) for Q1 non-employed youth with different levels of education.  
 
  

 
14 These estimates are not provided for individual years, but it is worth noting that there was quite a high degree 
of stability in the estimates, with 8-9% of Q1 non-employed working-age adults finding employment in Q4 
between 2010 and 2013 (before a jump to 12% in 2014) and between 33-46% of Q2 working-age job losers 
regaining employment by Q4 across the period.  
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Table 4: Employment attainment among youth (aged 18-24) by educational attainment in  
2010-2014 (QLFS panels) and 2020 (NIDS-CRAM) 

Year Educational attainment 
Percentage of Q1 non-employed who are 

employed in Q4 
N 

2010-2014 

Less than matric 5.6 (0.4) 4852 

Matric 8.52 (0.7) 2098 

More than matric 14.36 (2.92) 194 

2020 

Less than matric 16.45 (3.52) 184 

Matric 31.98 (5.99) 205 

More than matric 38.63 (7.82) 100 

Difference  
between  

2020  
and  

2010-2014 

Less than matric 10.85 - 

Matric 23.46 - 

More than matric 24.27 - 

Notes:  2010-2014 estimates based on the pooled sample of all individuals who were present and had 
employment status across all four quarters of a year in QLFS panels over the period. Estimates are weighted 
using cross-sectional QLFS weights from Q1 of the year in which an individual was present. For 2020 (NIDS-
CRAM) employment status Q1 refers to February and Q4 refers to October.  

 
The table shows that the exceptional employment attainment over the period among those non-
employed at the beginning of the year was not restricted to those with matric or tertiary education. 
Even among those with less than matric 16% had found employment by Q4, compared to 6% in 2010-
2014. The increase in the employment attainment rate was also very striking for youth with matric, 
rising from 9% in 2010-2014 to 32% in 2020.  
 
 
 
Section F: Employment Outcomes by Employment History 
 
The preceding analysis has revealed a lot about the extent of churning in 2020, along with employment 
transitions for different age groups, and the extent to which these patterns were exceptional relative 
to pre-pandemic years. In terms of understanding the degree to which employment attainment among 
the non-employed reflects unprecedented absorption into the workforce, we can do more than just 
looking at employment status at the beginning of the year; we can look at employment status over a 
longer historical (pre-crisis) period of time. We know that before COVID-19 there were many workers 
experiencing volatile employment or locked out of jobs altogether, and we now investigate what has 
happened to the employment outcomes of these groups under the pandemic.  
 
To enable a consideration of employment history, all analysis in this section is based on a balanced 
panel of individuals interviewed in every wave from NIDS wave 3 (2012) through to NIDS-CRAM wave 
3 (November 2020). For prime-age and middle-age adults with employment status information across 
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all periods, we distinguish between three employment history groups on the basis of employment in 
2012, 2014/15 and 2017 (NIDS waves 3, 4, and 5): 
 
 The stable employed: those employed in all three periods. 
 The transient employed: those with a combination of employment and non-employment in the 

three periods. 
 The persistent non-employed: those non-employed in all three periods. 

 
This gives us a simple measure capturing an individuals’ employment at three moments in time over a 
historical 6-year period and allows us to identify those with consecutive periods of recorded 
employment or non-employment15.  
 

Figure 2: Employment-to-population ratios for prime-age and middle-age adults,  
by employment history 

 
 
Figure 2 shows employment-to-population ratios for 2020 by age group and employment history. The 
blue lines show the percentage employed at various points in time in 2020 for prime-age adults (25-
40), and the red lines show the corresponding values for middle-age adults (41-55). It is clear that 
stronger employment history correlated with greater employment in 2020 for both age groups. The 
rest of the interpretation of this figure focuses on comparing 2020 employment outcomes for prime-
age and middle-age adults who share the same employment history (stable employment, persistent 
non-employment and transient employment, respectively).  
 

 
15 The age windows of 2020 prime-age (25-40) and middle-age (41-55) adults means that they would have had 
age ranges of approximately 17-22 and 33-47 at the first period considered in the balanced panel (2012). The 
youth are not included in employment history analyses because they would generally have been too young to 
work between 2012 and 2017. 
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Middle-age adults who were stably employed going into the lockdown faced slightly steeper job loss 
between February and April relative to prime-age stably employed adults. Minimal employment 
recovery after April meant that these middle-age adults had a lower employment-to-population ratio 
in October (84%) relative to February (90%). In contrast, the employment-to-population ratio of prime-
age stably employed adults recovered to 79%, relative to 78% in February16. Middle-age adults without 
an employment record (the persistent non-employed) also suffered worse employment outcomes 
relative to persistent non-employed prime-age adults. In particular, they did not experience the 
employment growth between June and October seen across other groups.  
 
On the other hand, among the transient employed, prime-age adults faced significantly more job losses 
between February and April than middle-age adults did. These prime-age adults, who have a mixed 
history of employment and non-employment, had an employment-to-population ratio of 59% in 
October, compared to 64% in February. The employment-to-population ratio of middle-age adults with 
the same employment history increased from 55% to 57% in the period. Given the positive performance 
of prime-age adults with a history of stable employment or persistent non-employment, it is likely to 
be these individuals with a transient employment history who are driving the decrease in overall prime-
age employment observed in Section D.  
 
Table 5 looks at 2020 employment among those who were without employment going into the 
lockdown (the February non-employed), grouped by age and employment history. This allows us to 
contextualize the employment attainment previously observed in terms of individuals’ employment 
histories.  
 
  

 
16 Note that these and other changes in this section in employment-to-population ratios over time (within age 
and employment history groups) are not statistically significant (results of tests for statistical significance not 
shown). Therefore, all findings remain indicative. 
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Table 5: Employment attainment under COVID-19 for the February non-employed with different employment histories 

Age group Sub-group N 
Percentage finding employment in either 

April, June or October 
Percentage employed 

in April 
Percentage employed 

in June 
Percentage employed 

in October 

Prime-age adults 
(25-40) 

All Prime-age 
adults 

520 35.39 (3.37) 13.56 (2.06) 19.99 (2.97) 28.05 (3.26) 

Persistent non-
employed 242 28.36 (4.92) 7.04 (2.28) 15.89 (4.04) 22.68 (4.76) 

Transient 
employed 

217 38.12 (4.97) 16.47 (3.6) 17.16 (3.81) 28.31 (4.36) 

Stable employed 61 61.96 (11.87) 37.04 (10.93) 49.44 (11.34) 54.08 (11.52) 

Middle-age adults 
(41-55) 

All Middle-age 
adults 303 42.56 (4.51) 16.08 (3.26) 23.58 (3.8) 32.09 (4.12) 

Persistent non-
employed 

102 20.6 (5.65) 4.61 (2.59) 12.06 (4.71) 10.97 (3.86) 

Transient 
employed 

158 50.76 (6.43) 17.88 (4.84) 28.64 (5.87) 39.57 (6.2) 

Stable employed 43 58.97 (10.82) 35.36 (9.61) 28.96 (9.13) 49.69 (10.97) 

Notes. Based on a balanced panel of respondents with employment status information from NIDS wave 3 to NIDS-CRAM wave 3, weighted using balanced panel weights 
created by the authors. Standard errors in parentheses.  
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Among the February non-employed, both prime-age and middle-age adults saw monotonic increases 
in employment between April, June and October. Among all prime-age adults without February 
employment, 14% were employed in April, 20% employed in June and 28% employed in October. The 
figures for the corresponding group of middle-age adults were 16%, 24% and 32% respectively. For 
both age groups these increases were highest for those with a history of stable employment, and then 
for those with a history of transient employment. They were lowest for those who were persistently 
non-employed coming into 2020.  
 
We now compare employment attainment over 2020 among prime-age and middle-age adults who 
share the same employment history (using Table 5). Transient employed prime-age adults saw much 
less pronounced employment growth over the period (16% to 17% to 28% in April, June and October) 
relative to middle-age adults with a history of transient employment (18% to 29% to 40%). In contrast, 
among the persistent non-employed attainment of work over the period was more pronounced among 
prime-age relative to middle-age adults17. These patterns are consistent with those of the previous 
figure, suggesting that some of the superior employment outcomes among middle-age transient 
employed adults (relative to prime-age adults), and among prime-age persistent non-employed adults 
(relative to middle-age adults), were driven by more job seekers finding employment in these groups.  
 
Finally, Table 6 shows the proportion of prime-age and middle-age adults (with different employment 
histories) who were either employed in all periods or non-employed in all 2020 periods (February, April, 
June and October). This provides some insight into the relationship between historical employment 
stability and employment stability during COVID-19.  
 

Table 6: Stable employment and non-employment in 2020, by age group and employment history 

Age group Sub-group N 
Percentage employed in all of 

February, April, June and 
October 

Percentage non-employed in all 
of February, April, June and 

October 

Prime-age  
(25-40) 

Persistent non-
employed 417 14.19 43.4 

Transient 
employed 

550 33.09 22.23 

Stable employed 249 58.44 8.46 

Middle-age 
adults  

(41-55) 

Persistent non-
employed 143 8.46 56.42 

Transient 
employed 

255 21.93 22.38 

Stable employed 296 69.16 4.14 

Notes:  Estimates based on a balanced panel of individuals interviewed from NIDS wave 3 (2012) to NIDS-CRAM 
wave 3. All estimates weighted using balanced panel weights created by the authors. Sample sizes for rows 
accounting for employment history are based on individuals with complete employment status information from 
NIDS wave 3 to NIDS-CRAM wave 3.  

 

 
17 Stable employed rows are not discussed due to small sample sizes for February non-employed groups with a 
history of stable employment.  
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It is clear that a more extensive and stable employment history correlates with a greater likelihood of 
stable employment in 2020. Among middle-age adults with a stable employment history 69% remained 
employed in all periods of 2020 (relative to 58% of prime-age adults with the same history). This 
suggests the presence of a highly stable group who were protected from the COVID-19 employment 
shock18. Among those with a less consistent or non-existent employment history, prime-age adults 
experienced higher rates of stable employment over 2020 relative to middle-age adults.  
 
Prime-age and middle-age adults with a transient employment history faced the same risk of persistent 
non-employment (22%) in 2020, whereas among the historically persistent non-employed, prime-age 
adults were unsurprisingly less likely to remain in that state in 2020, with 43% non-employed 
throughout 2020 relative to 56% of middle-age adults.  
 
 
 
Section G: Discussion and Conclusion  
 
Together these findings present a picture of the complex changes that took place in the South African 
labour market during 2020. The cross-sectional and longitudinal findings together point to a substantial 
recovery in the employment lost in April by October, across a range of disaggregations. However, 
behind this aggregate picture, there is substantial heterogeneity in the loss and attainment of 
employment by age, employment history and education (along with interactions among these factors). 
 
One clear finding that emerges is that the employment recovery observed was not driven exclusively 
by April job losers regaining employment. What occurred between April and October is not well 
characterised as a ‘bounce back’, with a return to normal as job losers regained employment. Rather, 
it was an employment recovery for some with underlying adjustments in the composition of the 
workforce. Across age groups a substantial proportion of people who were without employment going 
into the lockdown subsequently found employment. 
 
In any year there will be some movement into (and out of) employment, especially among youth but 
also among older groups. The benchmarking of 2020 transitions to those from a pre-COVID period 
(2010-2014) revealed that over the course of 2020 the extent of job finding among those non-employed 
at the beginning of the year was at unprecedented levels. It is striking too just how pervasive this job 
finding was. Across all disaggregations studied here (by age group and educational attainment) the rate 
of job finding far exceeded the rate in previous years, although the difference was especially stark for 
youth. Direct comparisons of the churning observed in this paper with other estimates are difficult 
because of differing definitions and time periods. Bearing this in mind, however, the rates of 
employment attainment observed here for 2020 far exceed other estimates in the literature, especially 
among youth (Banerjee et al., 2008).  
 
Relative to all prime-age adults in the 2010-2014 period, in 2020 even prime-age adults with a history 
of persistent non-employment saw more employment attainment by the last quarter of the year (23% 
vs 15%). In addition, in 2020 employment attainment by Q4 for youth with less than matric was higher 
than employment attainment for youth with tertiary education in 2010-2014 (16% vs 14%), and more 
than double the rate for all youth in the earlier period. These examples illustrate how exceptionally high 

 
18 Note that the higher rates of stable employment for middle-age adults observed here are not inconsistent with 
the greater job loss gradient observed in Figure 1, as here we are comparing absolute levels of stable employment 
across the year rather than changes in employment between periods.  
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the employment attainment observed in NIDS-CRAM was relative to historical South African rates, even 
in groups where extensive job finding would not be expected.  
 
A comparison of employment recovery among those who had lost employment between the first and 
second quarters of a year revealed that the exceptional and temporary nature of the level 5 lockdown 
did lead to a greater share of job loss observed in 2020 being temporary. However, the difference 
between job recovery rates (55% in 2020 and 37% in 2010-2014) was perhaps not as large as might be 
expected. This shows that almost half of level 5 lockdown-associated job loss led to those affected 
remaining without work throughout the year19. Interestingly, 2020 middle-age adults were more likely 
to recover employment relative to younger groups and, in particular, relative to middle-age adults in 
the 2010-2014 period. This suggests that the kind of job loss experienced by middle-age adults during 
COVID was generally temporary and of a different kind to the more enduring job loss faced by middle-
aged adults historically. 
 
Amidst these adjustments, employment history was found to correlate strongly with 2020 
employment-to-population ratios, as well as job finding rates and employment stability rates, for both 
prime-age and middle-age adults. Individuals in the latter group who had a history of stable 
employment or persistent non-employment between 2012 and 2017 fared worse than their prime-age 
counterparts, while prime-age adults with a transient employment history fared worse than their 
middle-age counterparts20. One other finding of potential significance was that among middle-age 
adults only those who were historically stably employed had higher rates of stable employment in 2020 
relative to prime-age adults. However, in general these differences were small and the patterns were 
not clear enough to derive any strong conclusions about the interaction between employment history 
and age.  
 
A large caveat to these findings (for a dramatic change in employment dynamics and patterns of job 
finding) is the doubt about the extent to which NIDS-CRAM accurately depicts the reality of 2020 
national employment dynamics. We have documented large differences in churning and job finding 
rates between 2020 and earlier years and it is important to consider how much of this discrepancy 
could be driven by bias in the estimates. 
 
Researchers have pointed out large discrepancies between the aggregate employment trends in NIDS-
CRAM and the QLFS in the latter part of the year (June to October or Q3 to Q4), with only a small 
recovery in employment observed in the QLFS (Bassier et al., 2021; Simkins, 2021). In addition, the 
positive youth findings observed here in NIDS-CRAM appear not to be echoed in the QLFS data for 2020 
where the youth absorption rate declined over the year (Stats SA, 2021). Therefore, an imperative for 
future research is to contrast the results observed here against the trends in the QLFS (which has been 
a panel since Q1 of 2020).  
 
The fact that we do not distinguish between different forms of non-employment means that across 
periods we have grouped together both those who are unemployed and those who are studying (or 
otherwise inactive). Thus, in interpreting our findings on the employment attainment of different 
groups, it must be borne in mind that some job finders will be school leavers and not people who have 

 
19 The sustained economic effects of COVID-19 (and associated lockdowns) in the latter part of the year will be 
partly responsible for this recovery rate not being higher. In addition, our reliance on panel data measuring 
distinct periods means we may be missing short-term spells of employment between measured periods for some 
individuals.  
20 This was true for both overall changes in employment-to-population ratios and employment attainment among 
the non-employed.  
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previously struggled to find work. This is especially likely among youth and prime-age adults with a 
weaker employment history. However, the benchmarking of job finding rates against historical rates (in 
Section E) means that we should difference out typical school-leaving job finding rates. This attenuates 
this concern but depends on the assumption that the shares of youth exiting education and finding 
employment have remained fairly stable since 2014, and that people’s decisions around choosing to 
study (relative to seeking work) were not dramatically affected by the COVID-19 pandemic. 
 
Another important consideration is that while we have focused on differentiating between different 
kinds of workers, a more meaningful distinction may be between different kinds of jobs. Our focus on 
workers is largely driven (and necessitated) by the unit of observation in the data we use, but it could 
be true that the heterogeneity in employment stability we are seeking to measure could be more a 
characteristic of certain jobs (with different workers moving into and out of these jobs) than of different 
people. 
 
Comparisons with historical dynamics helped us to determine to what extent the employment 
transitions in 2020 were a break from previous patterns. However, we cannot know at this point to 
what extent the changes we have observed represent phenomena that are unique to 2020, on the one 
hand, or enduring changes in the South African labour market, on the other. The dramatic and likely 
never to be repeated events around the onset of the COVID-19 pandemic suggest that there will be a 
substantial share of changes which are 2020-specific, but at the same time the severity of the shock 
(and the ongoing pandemic) means that there will certainly be some elements of enduring change.  
 
Known cases of pandemic-induced changes in the economy include differences in the kind of jobs 
available, such as a surge in delivery work (see Del Monte, 2021), and differences in the functioning of 
firms, with the increase in remote work driving down demand for office space (Mathe, 2020). It is also 
possible that the pandemic and lockdown caused or accelerated a shift towards more casual and 
precarious jobs21, as the sudden cessation and restarting of economic activity provided firms with an 
opportunity to restructure. 
 
In summary, the evidence from NIDS-CRAM suggests that there were dramatic changes in employment 
dynamics in 2020. Following the severe job loss at the beginning of the year there was a period of 
employment recovery. This recovery partly consisted of the regaining of employment lost in the early 
part of 2020, but also of substantial employment attainment among those who went into the crisis 
without work. Relative to historical rates, job finding was high across age groups, including adults with 
weaker employment histories and, especially, youth. Individuals carried their pre-COVID employment 
histories with them into the crisis, including the capacities, skills, and productive networks from 
employment experience, and the stigma and exclusion arising from spells of unemployment. We have 
shown that even amidst the dramatic upheaval and restructuring of the labour market, people’s 
employment prospects in 2020 remained strongly correlated with their employment histories.   
 
 
  

 
21 See McKinley (2020) for an account of the longer-run casualization of labour in South Africa.  
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APPENDICES 
 
Appendix 1: Comparison of unweighted statistics for the NIDS-CRAM wave 1 cross-section and our 
balanced panel in May 2020 
 
Appendix Table 1: Comparison of unweighted statistics for the NIDS-CRAM wave 1 cross section and 

the balanced panel in May 2020 

 May 2020 (NIDS-CRAM wave 1) 

NIDS-CRAM cross-section Balanced panel 

African (%) 85.49 90.17 

Female (%) 61.02 62.55 

Urban (%) 77.27 74.5 

Youth (18-24) (%) 20.99 19.8 

Prime-age (25-40) (%) 49.89 48.97 

Middle-age adult (41-55) (%) 29.12 31.23 

Less than matric  (%) 55.89 56.69 

Matric (%) 23.03 24.25 

More than matric (%) 21.07 19.07 

Employed (April, %) 39.81 37.09 

Mean monthly earnings 6860.65 5583.58 

N 6617 2581 

Notes: Unweighted descriptive statistics are presented for the NIDS-CRAM wave 1 cross section and a balanced 
panel between NIDS wave 3 (2012) and NIDS-CRAM wave 3 (November 2020). Monthly earnings are in real 
November 2020 South African rand (ZAR). 
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Appendix 2: Creating balanced panel weights 
 
Section E is based on a balanced panel from NIDS wave 3 to NIDS-CRAM wave 3. The fact that there 
were so many iterations of non-random attrition between periods means that those who remain in the 
sample in the final period (wave 3 of NIDS-CRAM) and make it into the balanced panel may be a highly 
selected sub-sample, and that some individuals belonging to groups who are more likely to attrite will 
be severely under-represented.  
 
To account for this non-random attrition, we follow Finn and Leibbrandt (2017) in running probits 
estimating the probability of remaining in the sample in each wave conditional on being successfully 
interviewed in the previous wave and based on a range of characteristics from the previous wave 
(similar adjustments for attrition were made for the official NIDS panel weights, see Branson & 
Wittenberg, 2019). The inverse of this conditional probability of re-interview is then taken as a weight 
adjustment applied to the 2012 NIDS post-stratified design weight (from NIDS wave 3, taken as the 
baseline weight) for those who remain in the sample in the next wave. The application of high 
sequential weight adjustments to already high wave 3 weights resulted in some extremely high weights 
and so balanced panel weights were trimmed at the 1st and 99th percentiles following the precedent 
of Branson and Wittenberg (2019).  
 
In choosing the explanatory variables predicting re-interview we largely followed the precedent of 
Branson and Wittenberg (2019) 22 and sought to account for the variables that have been found to 
correlate with attrition. Explanatory variables covered race, gender, province, urban location, age 
categories (younger than 30, 30-39, 40-50 and above 50), an indicator for employment and household 
per capita income quartile (with a separate category for missing household income)23. These weight 
adjustments will not correct for any selection on unobservable characteristics that occurs between 
waves, however.  
 
Because we are analysing such a specific and selected sample, i.e. the cohort who were present in all 
waves of data collection in the period considered, we do not calibrate to later population totals. This 
means that our balanced panel is only broadly representative of the South African population in 2012 
and does not factor in migration into and out of the country or the birth of new inhabitants over the 
period. If the employment shock has been particularly bad for migrants, as has been found elsewhere 
(Borjas & Cassidy, 2020) and observed anecdotally in South Africa (LRS, 2020), then these dynamics will 
present an overly optimistic picture of overall employment effects. 
 
  

 
22 Similar explanatory variables were used by Kerr et al. (2020) for the estimation of NIDS-CRAM attrition and by 
Finn and Leibbrandt (2017) in creating balanced panel weights.  
23 In a small number of cases missing information was imputed using information from the previous wave (for 
province, urban/rural) to avoid individuals having missing values for weights.   
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